The Review of Economic Studies Advance Access published September 8, 2011

Review of Economic Studies (201xx, 1-41 doi: 10.1093/restud/rdr019
© The Author 2011. Published by Oxford University Press on behalf of
The Review of Economic Studies Limited.

Estimatinga Dynamic
Adverse-Selection Model:
Labour-Force Experience and the
Changing Gender Earnings Gap
1968-1997

GEORGE-LEVIGAYLE and LIMOR GOLAN
Tepper School of Business, Carnegie Mellon University

First version received Jun2008; final version accepted Ap@011 (Eds.)

This paper addresses two questions: What accounts for the gender gap in labour-market outcomes?
What are the driving forces behind the changes in the gender labour-market outcomes over the
period 1968-19977? It formulates a dynamic general equilibrium model of labour supply, occupational
sorting, and human-capital accumulation in which gender discrimination and an earnings gap arise
endogenously. It uses this model to quantify the driving forces behind the decline in the gender
earnings gap and the increase in female labour-force participation, the proportion of women working in
professional occupations, and hours worked. It finds that labour-market experience is the most important
factor explaining the gender earnings gap. In addition, statistical discrimination accounts for a large
fraction of the observed gender earnings gap and its decline. It also finds that a large increase in
aggregate productivity in professional occupations plays a major role in the increase in female labour-
force participation, number of hours worked, and the proportion of females working in professional
occupations. Although of less importance, demographic changes account for a substantial part of the
increase in female labour-force participation and hours worked, whereas home production technology
shocks do not.
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1. INTRODUCTION

One of the most striking changes in the U.S. labour market over the last four decades is the
significant decline in the gender wage gap in the 1970’s and 1980’s. The median gender wage
differential dropped from about 40% in 1968 to 28% by 1992 and has remained constant since.
Accompanying this decline were significant increases in women’s labour-force participation
and hours worked and the proportion of women working in professional occupations. Basic
empirical analysis suggests that the patterns of the decline in the gender wage gap are intertwined
with the patterns of increasing female labour-force participation and hours worked. This fact
is strikingly illustrated by examining the life cycle evolution of the gender wage gap as a
function of labour-market experience. As illustrated in the bottom right panel of FRyutee
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gap is relatively small when workers are young and it increases with workers’ age. In contrast,
the gender wage gap for workers who work continuously full time decreases with age and
closes by the age of 36. To explain these patterns, the paper formulates a life cycle general
equilibrium model of labour supply, occupational sorting, and human-capital accumulation in
which gender discrimination and the earnings gap arise endogenously. The model includes
three channels through which a gender earnings gap can arise: group differences in preferences,
group differences in productivity, and discrimination. It then uses the framework to assess the
importance of these channels in the observed gender gap in labour-market outcomes and its
decline over time. In addition, it demonstrates identification and develops a three-step estimator
of the model. To the best of our knowledge, this is the first paper to estimate a dynamic signalling
model.

The model consists of forward-looking workers and firms. Each period, workers make
labour-market participation, occupation, and labour-hours decisions. The supply side of the
model extends the labour-supply modelMincer and Polachek1974) andPolachek(1981)
by incorporating privately observed labour-market participation costs. The demand side consists
of competitive firms that incur costs of hiring new workers. As a result of the workers’ private
information and the employers’ hiring costs, the model gives rise to an adverse-selection
problem. Low-participation-cost workers have longer employment spells, which makes them
more profitable to the employer. Therefore, employers use the observed labour-supply decisions
as a signal of the worker’s private information. This in turn provides incentives for workers
with high-participation costs to mimic the labour-supply behaviour of workers with lower
participation costs. The model gives rise to a notion of statistical discrimination proposed
by Barronet al. (1993). Suppose women, on average, have higher participation costs. Then
employers will expect them to have higher turnover rate than men and will pay them lower
wages. We measure discrimination as the difference between the labour-market outcomes of
men and women under symmetric and private information. Thus, gender differences in earnings
that arise due to observed group affiliations are referred to as discrimination, as opposed to gaps
that arise due to differences in preferences and productive skills.

The empirical analysis shows that human capital accumulated with labour-market experience
is the most important factor explaining the gender earnings gap and that private information
plays an important role in women’s labour-market outcomes. The human capital accumulated
with experience affects the earnings and the gender pay gap because it increases the worker’s
productivity and because of its signalling effect. Because of the signalling element, private
information has a direct effect on the salaries and the gender pay gap and an indirect effect
through the gender gap on the human capital accumulated with experience because workers
internalize the effect their labour-market decisions have on employers’ beliefs. Empirically, the
total direct and indirect effects of the private information on the gender earnings gap are large.

Figure3 demonstrates the data variations used to identify these effects. The gender wage gap
increases over the life cycle largely because the gap in the human capital accumulated increases
with age. At the same time, women who work continuously full time have faster wage growth
than men with the same labour-market experience, driving the decline in the wage gap for these
workers. The productivity and private-information effects of human capital on the gender pay
gap are disentangled using the data variation in future labour-market participation patterns of
otherwise identical men and women. The faster wage growth of women who work continuously
full time relative to men’s identifies the signalling effect.

One of the main difficulties in estimating game-theoretic models is the possibility of multiple
equilibria. We use a multistage estimation procedure to overcome the indeterminacy caused by
a multiplicity of equilibria. We then use the estimates to conduct counterfactual experiments to
assess the effect of different factors on the gender earnings gap, labour-market experience, and
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occupational sorting. These counterfactuals were conducted under variations of our model where
there is a unique equilibrium, namely when the information is symmetric and when there is no
hiring cost. The outcomes under these scenarios were then compared to the observed outcomes
in the data, allowing us to ascertain the effects of the private information from other factors
affecting the gender earnings gap and its decline. We find that hiring costs amplify the gender
differences in preferences and skills and is the largest factor affecting the gender earnings gap.
Further, discrimination plays a big role in the observed gender earnings gap and its decline
over time. This finding is in contrast to the resultsktabbi (2010) which finds that taste-
based discrimination cannot account for the decline in the gender wage gap in the 1980’s and
1990's. In addition, we find that signalling is an important factor in labour-force participation:
women participate less when information is symmetric than they do when it is private. Thus, in
contrast to empirical work on private information in the insurance market, we find that private
information is both statistically and quantitatively significant in the labour market.

The literature focuses on several factors that caused the changes in the labour-market
outcomes of women relative to men between the 1970’s and the 1990's. The first factor is
skill-biased technological changes that increase productivity in skill-intensive occupations. The
second factor is a decline in the cost of producing home goods. The third factor is changes
in education level, marriage, and fertility over time. Our results confirm the importance of
technology-biased productivity and demographic changed.sand Wolpin2010, for similar
results). A comparatively larger aggregate productivity increase in professional occupations
accounts for much of the increase in the proportion of women working in these occupations,
their labour-force participation, and their hours worked. Demographic changes reduced women'’s
costs of participating in the labour market, increasing their participation and hours worked. In
contrast toGreenwoockt al. (2005), our results do not support the hypothesis that changes in
home production costs explain the increase in women’s labour-market experience and hours
worked over the period we examine, but the time period in their paper does not completely
overlap ours. This result, however, is similar to the findingdameset al. (2003). Because
the papers in this literature do not incorporate discrimination, our main contribution to this
literature is the finding that changes in discrimination accounted for about 50% and 40% of the
increase in women'’s labour-market experience in professional and non-professional occupations,
respectively.

Our model builds on the theoretical literature on statistical discrimination pioneered by
Arrow (1972) andPhelps(1972)! The theoretical and empirical statistical discrimination
literature that emphasizes that group differences can arise endogenously withaxt amie
differences across groups focuses primarily on productivity differences across racial groups
(see Coate and Loury 1993, for this insight andMioro 2003; Moro and Norman 2004;
Antonovics 2004; Altonji, 2005, among others). Two exceptions &aronet al. (1993) and
Albanesi and Olivett{2009). Our paper contributes to this literature by incorporating statistical
discrimination, as formulated iBarronet al. (1993), into a general equilibrium model with
life cycle labour-supply choices; this allows us to capture the evolution of the labour-market-
outcomes gap over the life cycle. The estimator we develop is akin to a number of estimators in
the literature on the estimation of discrete games and single-agent métdetsand Miller,

1993; Altug and Miller, 1998; Pesendorfer and Schmid2003; Bajari et al., 2007; Pakes
et al.,2007). Our estimator is different, however, in that we are estimating a perfect Bayesian

1. A second category of discrimination literature is the taste-based discrimination theory pione&edkiey
(1971) which postulates that employers have a preference for one group. In the absence of impediments to competition,
this theory predicts that group-based earnings gaps cannot be sustained in equilibrium.
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equilibrium of a dynamic adverse-selection model while these papers estimate Markov perfect
equilibrium games.

While there is an extensive empirical literature on the gender wage gapAlfeedi and
Blank, 1999, for a survey), few papers specify a fully behavioural model explaining the existence
of a gender wage gap and its evolution over the life cycle in this literaBwoelus (1997)
presents a static search model with neither discrimination nor human capital accumulation, and
Flabbi(2009,2010) adds taste-based discrimination toBloglus (1997) model. None of these
papers accounts for the observed patterns of the gender earnings gap over the lifErogele.
et al.(2005) calibrates a partial equilibrium life cycle model of labour supply and fertility choice
with no discrimination; it does not explain, however, the decline in the wage gap for workers
who work continuously full time. The literature explaining the decline of the labour-market-
outcomes gender gap can be divided into two main groups: papers that examine the increase
in labour-force participation and hours of married women (kEeeset al., 20032 Greenvood
et al, 2005; Attanasioet al., 2008; Albanesi and Olivet}i2008; Fernandez and Fogl2009)
and papers that examine the decline in the gender wage gap and the increase in women’s
labour-force participation and hours. The work closest to oullseis and Wolpin(2010); it
develops and estimates a dynamic general equilibrium model with separate demand and supply
factors affecting the changes in the gender wage gap, but it does not account for the role of
discrimination.

This paper is organized as follows. Secti@ndescribes the model. Sectidh presents
the equilibrium analysis and the equilibrium labour-market gender gaps. The empirical
implementation is presented in Sectidn Section5 shows identification and develops the
estimator. Sectiorb contains empirical results and counterfactual simulations. Sedtion
concludes. The appendices present proofs, implementation details, asymptotic properties of our
estimator, and a detailed data description.

2. THEORETICAL MODEL

The model we present extendftug and Miller (1998) general equilibrium model of dynamic
labour supply and consumption. We incorporate occupational sorting, hiring costs, and private
information into their framework. The hiring costs and private information give rise to
endogenous gender discrimination as formalize@ayronet al. (1993) in a partial equilibrium
model.

The economy consists of infinitely lived firms and finitely lived workers. These workers
are divided into two observed gender groupg, {w, m}, women and men, respectively. For
notational ease, we denote age and calendar year for each age—education cdhrt=by
0,...,T). The theoretical model is written and solved for a given age—education cohort, but the
economy consists of a number of overlapping cohorts. There is free entry into the competitive
labour markets. There are two occupations, {P,NP}, professional and nonprofessional, each
of which consists of a continuum of identical firms. Each firm offers one job in each period. The
job offer maximizes the employer’s lifetime expected discounted profits.

2.1. Workers’ problem

Choice set. At each discrete timd, an individual of gendeti makes labour-market
participation and occupation choices, deciding how many hours to work and how much to
consume. Labour-market participation and occupation choices are discrete, while hours and

2. Jonesetal. (2003) allow for an exogenous gender wage wedge that changes over time.
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consumption choices are continuous. We denote the participation decisthnvalyered; = 1

if the individual participates in the labour force in pertoahd 0 otherwise. The occupation and
participation indicators are defined &s(z € {P,NP}), which takes the value 1 if the worker

is employed in occupatiom and O otherwise. Let & h; < 1 denote the fraction of hours
(normalized to be between 0 and 1) that the individual chooses to work. Denote the labour-
supply decision vector bg: = (0i—1, {l-t—1}-e(p NP}, ht). Finally, c; denotesthe individual’s
consumption.

Preferences. Individuals have preferences over non-market holgrsand consumption,
¢t. Non-market hours are the difference between the total time endowment and the labour-
market hours]; = 1 — h;. Preferences are additively separable in consumption and leisure
contemporaneously. Consumption is additively separable over time, whereas leisure is not.

The other two time-varying vectors of individual characteristics that determine the utility
associated with alternative-consumption and non-market-hours allocationxs, avkich is a
K x 1 vector, andeqy, €11, £2t)’, Which is a 3x 1 vector. Definez; = (ap, ..., a1, X;) to be a
vector with the first — 1 elements capturing the dependence of the utility on the past labour-
supply choices; the last elemeRry, is independently distributed over the population and evolves
according to a known gender-specific transition distribution functigg(x:+1 | ;). The vector
(eot, €11, €2t)’ isindependent across the population and time and is drawn from a population with
a common distribution functiorf1 (eot, €1t, £2t). The distribution functionso(xi+1 | z) and
F1(eot, €11, €2t) areabsolutely continuous with continuously differentiable densifig$x; 1 |
z;) and f1(eqt, €1, €2t), respectively.

The current-period utility function at datdor an individuali is Ui,

Uit = druio(zt, 1) +Uir(lt; zt) +Uia(Ces X¢, e2t) + (1 —d)eot + drext, (1)

whereu;o() representshe utility cost of participating in the labour force apidis an aggregate
shock to this cost drawn from the distributi®p(¢t+1 | ¢t). The disutility of working is indexed

by gender, allowing for possible gender preference differences. We assume that the utility
function is concave, continuous, and twice differentiable everywhete dmdc;. g € (0,1)
denoteghe common subijective discount factor. Individuals maximize lifetime expected utility,
Et[z;t B'~3Uis | z¢], subject to the budget constraint described below.

Budget sets. We assume that the asset markets are competitive and complete and that there
are no frictions in the markets for loaAsheseassumptions allow us to compactly write the
lifetime individual budget constraint:

T
EO{Zﬁtit[th +Cmt—§[]] <W, (2

t=0

whereS; is the total household labour-market income (or the individual’s income if he/she is
single),/; is the expected price of the contingent claim, &Mds bequest net of inheritanéaie
assume that; is distributed according to the known distributi®f(1;+1 | 1t). We also assume

that the process of formation and dissolution of households is exogenous and is governed by
Fio(xi+1 | z1). Thus, expectations of the budget constraint of each individual within a household
take into account the distribution of future household composition.

3. Other papers that use similar assumptions incldiieg and Miller (1990,1998),Card(1990),Mace(1991),
Townsend1994), andAlton;ji et al. (1996).
4. SeeAltug and Labadi€1994, p. 305) for a formal derivation of the budget constraint under these assumptions.
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2.1.1. Frisch demand for consumption and the indirect utility. The additive and
intertemporal separability of consumption along with the complete-asset-markets assumption
allow us to characterize the Frisch demand for consumption separately from the labour-
supply decisions. Lef denote the Lagrange multiplier associated with the budget constraint
in equation ) for each household member. The first-order conditions with respect to individual
consumptiorg;; are

OUi2(Cit; Xt, €2t)
e — 3
e Nt 3

for all t € {0,1,2,...} andi € {w,m}. Thus, each individual within a household smooths
consumption. Note thay is also the inverse of the Pareto weight of each individual in

a household in the social planner’s problem. Thus, the optimal consumption allocation is
constrained Pareto efficient.

Let S;t¢(ht,-) bethe salary paid to an individual that works hoursin occupationz in
periodt. The second element of the salary schedule is the worker’s characteristics as observed
by the employer. We analyse the model under symmetric and asymmetric information. Under
asymmetric information, the employers’ information set is a subset of their information set under
symmetric information. We can now write the current-period utility as

Uit = dhtio(2t, &) + Uin(t, ) + 74¢ D Lt See(he, -) + (1= do)eor + dhent, 4
re(PNP)

reducingthe individual problem to making the labour-supply decisi@gs,

2.2. Firms

2.2.1. Technology. Each firm in each occupation produces outft) usinglabour(hy)
anda homogeneous capitéK,{) augmentedy human capital and a skill index, which is a
function of the worker’s production-relevant variable8, These variables are a subsezoénd
includethe labour-market history and other variables that affect productivity. Each occupation
is subject to aggregate productivity shocks to the effective unit of capital; therefore, the law of
motion of the effective unit of capital is

Krt = KTt—l+ATta (5)

whereA ¢ isidentically and independently distributed over time. Specifically, production at time
t in occupatiorr is given by
y‘[t = Y‘[(hts Zsz K’[t)'

Outputin each occupation is the sum of output produced by the firms. The output in each
occupationy;t, is measured in terms of the relative prices of the occupation products.

There are employer-specific hiring costs. These costs capture all possible training,
administrative, and other net costs associated with hiring a new worker. We assume that within
occupations the costs are the same for all employers and denote them by

We define a job as the number of hours worked for a given worker’s characterigfics,
andassume that each job is offered in one occupation only. Specifically, a firm in occupation
offers a contract for hours to a worker with characteristiczg’ only if the expected lifetime net

5. The allocation is constrained Pareto efficient as the planner is constrained by the same information asymmetry
the employers face.
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productivity is greater than it is in the other occupation,

T

Yo (he, 27 Ket) =y (L= logm1) + Bt D B o] Yer(hs, 20 Korg) = (1= 1 prs—1)]
s=t+1

a
> Ye(he, 2D Ket) = 70 (L= letm1) + Er D 5 e[ Ye (hs, 22, Krs) =y (1= les-1)]. - (6)
s=t+1

We also assume that; (ht, ZZD, Kt) is twice continuously differentiable and that for every
pair of occupationg’ andr, the left-hand side and the right-hand side of equation (6), each
representing the discounted sum of the expected lifetime net productivity in an occupation,
cross at most once as a function of current hours worked. The strict inequality in equ@tion (
implies that, for every occupation and worker’s characteristiczZ’, an open set of hours is
offered,h c Lhﬁ(zf),ﬁ,t(zf)), and that the sets are disjoint across occupations. The other two
assumptions imply that for a given occupation the set of hours offered forms an interval. Note
that the expected lifetime net productivity of a worker in an occupation depends on experience
and past hours worked. Thus, it is possible that in one occupation the current productivity is
lower, however, the expected lifetime net productivity is greater compared to other occupations.
In addition, because different hours are offered in different occupations, for given worker
characteristics, changes in hours worked may involve changing occupations. This assumption
captures the limited flexibility of hours offered within some occupations.

2.2.2. State variables. Following Rust(1987), we separate the systematic state variables
from the idiosyncratic variables and assume that they are conditionally independent of each
other. Let the systematic state variableg,be defined asx = (z, ¢t, 74t, Kpt, Knpt)-

2.2.3. Timing. At the beginning of each period, the state variabigsare realized,
including the worker's time-varying characteristics as well as the aggregate productivity
innovations and prices anteqt, ¢1t, €2t). Observing these realizations, the workers then
make participation, occupation, and hours choices. Observing the workers’ choices, firms
simultaneously offer a salary to each worker. Workers observe the offers and choose a firm.
Finally, production occurs and the agents consume. This structure repeats itself every period.
While the aggregate prices and productivity innovations are commonly observed, the workers’
state variables observed by the firms will vary in the analysis of the symmetric- and asymmetric-
information cases.

3. EQUILIBRIUM ANALYSIS
3.1. Symmetric information

Assume that the information is symmetric and that the workers and firms obeeraad

(eot, €1t). Workers and firms can only commit to one-period non-contingent contracts. A
contract, St (ht; wt), consists of a salary schedule of hours and worker’s characteristics. Let
7t denotethe continuation value of hiring a new worker in occupation periodt:

T
Tzt (ht,ﬂ)t) = Zﬁs_t Et{ITS[Y‘L' (hS> Zfa Kes) — Srs(hs; (Os)] I ht,wt} — Ve (7)

s=t
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Similarly, letz & denotethe continuation value of the current employer from retaining a worker:

T
7§ (he o) = D" B Er{les[Ye (Ns, 2, Krs) — Ses(hs; s)] | e, oot} ®)
s=t

Theonly difference between the expected profits from a worker who is already working in the
firm and a new worker is the hiring costs. Since workers are price takers, we can derive
the optimal salary schedule by backward induction. The net revenue from hiring a worker
in the final period;T, is Y, (ht, z7T’, K.T1) —y.. Because of the free-entry assumption, the salary

is derived by equating the potential employer’s profit with zero,

71 =Y. (h7, 28, K1) = S (W15 07) — 9, =0. 9)

Thereforethe current employer in periol earns a rent of . = y.. Next, consider an offer to a
worker with characteristicet 1 in periodT — 1 and defingp; ;141 (ht, wt) to be the probability

that the worker will remain in the firm in periddt+ 1 given the information set available in period

t. The salary in period — 1 is again derived by equating the outside employer’s expected profit
over the two periods with zero,

Ter-1=Ye("T—1, 21, Ke1—1) = 7e — Ser—1(h7—1, 01-1) + BPict41(he, o)z & = 0. (10)
We obtain the competitive salary schedule by substitutifig= y-,

Sero1(hr—s01-1) = Yo (h1o1, 271, Kem—1) — 7 + B2 Piet (h7—1, 07 21). (11)
Thereforepy induction, we obtain the competitive salary schedule,
Set(he, o) = Ye (he, 27, Ket) = 72+ Bye Prerahe, o), (12)
for all ht € (ﬁrt,ﬁﬁ). The per-period net surplus that a worker generates after the first period

of employment isy; (ht, zZ’, K:t) — Set(he, o) = y.. The current employer’s share each period
isy: — By: Pict+1(ht, mt), and the worker’s share gy, pi.t+1(ht, @t). Because labour markets

are competitive, the worker’s discounted expected lifetime earnings are equal to the worker’s
expected net output in an outside firm.

Equilibrium labour supply. Let Vy4; and Vg denotethe ex anteconditional valuation
functions associated with the decisions to work and not to work, respectivelyeX laamte
conditional valuation function is defined as

T
Vii (1) + ekt = max E B | dsUio(zs, ¢s) + Ui (ls, Zs)
{hs;{ls}eep Pzt | st
+ 77/15 Z I:sS rs(th COS) +ds<915+ (1_ ds)SOS wt, dt =k 5 (13)
7e€{P,NP}

for k € {0,1}, and the necessary condition for the optimal participation decision is

il if Vi (ewt) + €1t > Voi (wt) + €ot,

d® (o, eot, e1t) = (14)

0. otherwise.
The probability of participation con i

itional an is

V1i —Voi
p(en) = E[d° | ax] = / T ot — ) dFa(eon £10 = QVai () — Vo @), (15)

—00
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Using the Bellman principle, thex anteconditional valuation of participation is

Vi (@) +e1e = max Uio(z, ) +Uin(lt, 20) + 74t D 1t Ser(hy, or)
he;{lt}eep.Np) e(PNP)

+ FE{[ pi (0t41) Vi (0t41) + (1 — pi (0t4+1)) Voi (0t4+1)] | o, dy =1} (16)

and,for non-participation, it is

Voi () + 1t = Ui1(1,2t) + SEA[ pi (0t41) Vi (0t41) + (1 — pi (0t41)) Voi (wt41)] | o, b = 0}
(17)

Next, we characterize the optimal hours and occupation decisions beginning with the optimal
hours choiceby; ;, in eachoccupation. The first-order condition with respect to hours is

auil(ltazt) aYT(hta tha KTt) 6pi‘[t+1(ht’ C()t)
_ /1 -
oh M ahy +hy ahy

oVoi (wt11)
oht

o[ Vii (wt41) — Voi (@t 41)]
oht

=—pEt [ + pi(wt41)

opi (w
+ %:H-)[Vli (wt+1) — Voi (0t+1)] | ot he = hi g, Lo = 1] . (18)
To obtain the optimal hours in each occgpatibnt, the worker solves equatiodg) for each
occupation over the open inter\@rt(ztp), h,t(ztp)). The worker then chooses the hours in the
occupation that yields the highest expected lifetime utilify, Thus, the occupation choice is
given by

18 () = 1{h,(Z) < hi (o) < hee(2D)). (19)

The occupation choice affects the probability of working in the firm next period and therefore
future salaries; this probability is given by

Dift+1(ht,wt)=/Q(wt+1)|£(a)r+1) fio(wty1 | o, a)dwty1. (20)

The optimality conditions in equationsl§)—(19) describe the current and intertemporal
trade-offs between consumption and non-market hours. If the hiring costs were zero, the third
term on the left-hand side of equatioh8) would be zero, reducing it to the intertemporal
labour-supply decisions considered Bglachel{(1981) andAltug and Miller (1998). The left-
hand side of equatiorl8) describes the standard effect of an extra hour’s work on the trade-off
between current utility from non-market hours and consumption. The marginal change in salary
includes, in addition to the increase in output, the effect on future participation in the occupation,
illustrating the new source of dynamic self-selection. The right-hand side of equd®n (
demonstrates the dynamic effect of a marginal change in hours on the probability of participation
and the continuation values of working and not working, through the effect on labour-market
experience and non-market hours. Labour-market experience affects the future productivity of
workers, whereas the stock of non-market hours affects the future disutility from working.

3.2. Asymmetric information

Now assume that the worker observes bathand (eqt, £1t), but the firms only observe
wf, a subset of the worker’s state variables, and do not observe the i.i.d. shocks to the
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utility, (eot,e1t). Similarly, let x;" denotea subset ofx; that the firms observe; therefore,

the vector of information the firms observedsg = (ag, ..., a—1, Kpt, Knpt, X{). We assume

that all production-relevant variableg?, are observed. To make the complete-asset-markets
assumption consistent with private information, we assume anonymous trades in the asset
markets.

This information structure transforms the model into a signalling game. Hence, we use the
perfect Bayesian equilibrium in this section of the model. At the beginning of each period,
firms form a (common) set of prior beliefs on each individual worker’s typg(w: | wf). Upon
observing the worker’s labour-market actioas,firms update their beliefs about each worker’s
type. We denote thposteriorbeliefs by it (wt | wf, a). Note thatzit (ot | wf, 8) is used to
form the prior beliefs in period + 1 because the types are persistent over time and evolve
according toFg; (wi+1 | @, a).

Definition 1 (Equilibrium). A perfect Bayesian equilibrium consists of labour-market
strategiesgit, Frisch demand for consumptiocﬂ, the workers’ contract-offer choices§ ;t}: <
p.NP}, and a common belief system such that

1. Each player’s strategy is optimal given that player’s beliefs and other players’ strategies.
2. The posterior beliefg;, satisfy Bayes’ rule when possible,

Uit (ot | of)oit (@ | o)
[ nit(ex | of)oit(a | wr)doy’
and,for all histories, types, and actions,

Hit(or | of @) = (21)

Uit(wt | of ,ar) = pit(or | f, @) if &g =3;.

3. At the beginning of period + 1, firms form priors about the worker’s type in that period
based on past history:

Uity1(@1lof,a) = fio(wryr | o, a) i (o | of, a). (22)

Existencds non-trivial in the model because within each period, we have the classic adverse-
selection problem (as formulated Byothschild and Stiglitz1976). As pointed out bydellwig
(1987), this non-existence result is sensitive to the timing of the players’ moves. In our model,
workers move first deciding how much to work, and then the firms make offers for these
hours; the workers then choose which offer to accept. This difference in timing transforms
the within-period game from a screening model into a signalling game, and the non-existence
result of the original Rothschild—Stiglitz model is broken. The proposition below establishes
existence.

Proposition 1. There exists a perfect Bayesian equilibrium characterized by the following
strategies and beliefs.

1. Denote bypi.t+1(ht, i) the employers’ beliefs about the probability of working in the
firm next period. For all h e (h_;, h;t), the optimal salary is given by

Tt

S of) = Yo(he, 2 Ket) = yo + B2 Bietra(he, of). (23)

2. Under asymmetric information the workers’ optimal consumption and labour-supply
strategies,{qo,cﬂ}, are as described in the symmetric-information case, except for the
salaries in the state variables entering equati@) and the valuation functions in
equationg13)-(19) which are replaced by the salary in equati(2B).
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3. The employers’ beliefs are given by
ﬁzt+1(ht,wt*)=/Q(wt+1)|i0,(wt+1) fio(wt+1 | o, @) iit(or | of ,a)dwr1. (24)

The above proposition establishes that there exists an equilibrium, but there may be many
equilibria that satisfy all the above conditions. In particular, note that the employers’ beliefs
described in part 3 are the implied beliefs about the probability of working in the firm in the
following period and that the conditions in part 2 are necessary conditions for the optimality
of the workers’ strategies. Therefore, there may be other equilibria with different sets of prior
beliefs, ujt (wt |y ), and workers’ equilibrium choices, implying different future probabilities of
working in the occupation, which satisfy all the above conditions.

To highlight the difference asymmetric information makes, consider the first-order condition
for hours under asymmetric information and compare it to the first-order condition under
symmetric information, equatior ),

aui1(ly, z oY, (ht, 2", K,
_oui(ly t)+77/1t|: (he, z", Ket)

+By:

oht oht

OPict1(he, o)
oht

= —BE; ’avf’”g;h(t“’tm I pit+la[V1it+l(wt+1;r;VOit+1(a)t+1)]

OPit+1

* on

[Viit41(@t+1) — Voit+1(wt41)] | he = hiy, 1o = 1] . (25)

If the information were symmetric, thﬂ‘u?””al(ht o) _ ”p'”“h(h‘ @) When the information is
asymmetric, a marginal change in the amount of hours worked changes the employers’ beliefs
on the worker’s type. These beliefs are a function of the current and past history of labour-supply
decisions. The current choice of hours, therefore, has a dynamic effect on the future valuation
functions on the right-hand side of equati@b) through the change in the publicly observed
state variablesy{ ;. As is standard in dynamic adverse-selection models without commitment,
the effect of current actions on future salary offers gives rise to the ratchet effect. The ratchet
effect occurs because, for a low attachment type, revealing informatiomn; aeducesthe

future expected rents (contract offers), thus providing incentives to “pool” and hide the private
information (a dynamic adverse-selection model with similar features is analysaffamt and

Tirole, 1988). Note that participation and occupation choices have similar signalling elements
as they affectoy, ; similarly.

The optimal contract provides insurance to the risk-adverse workers; hence it dominates
contracts that impose all the risk on the workers. Therefore, selling the job to the worker, with
partial commitment or without commitment, is not optimal when the workers are risk averse
and the employers are risk neutral. While some partial-commitment contracts, such as those
requiring that the worker makes a transfer upon leaving the job, may ameliorate the adverse-
selection problem, they do not fully solve it (seeg.Dionne and Doherty1l994). We choose
not to allow for partial-commitment contracts for two reasons. First, these termination transfers
are not observed in the data. Second, if it is possible to write the long-term contract as a sequence
of spot contracts in which a payment is made every period, our contract would be observationally
equivalent.

3.2.1. Labour-market-outcome gender gaps. In the model, gender differences in
labour-market outcomes can arise due to preference and productivity differences. In our model,
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the distribution ofx; affects the utility function and is gender specific. Even if a man and a
woman have the same characteristics and the information is symmetric, a difference in the
distribution ofx; affects the probability of participation, and therefore the earnings. This gender
difference in salaries can, in turn, give rise to differences in labour-supply decisions, and
therefore human capital of men and women.

When the information is asymmetric, statistical discrimination provides an additional source
of gender earnings gaps. Women who have high probability of remaining in the firm may face
lower earnings than men with a lower probability because, on average, women with similar
observable characteristics are more likely to leave than men. The model may also give rise to
discriminatory equilibria because of the possibility of multiple equilibria, evesxiéintethere
are no differences between men and women of a given céhort.

3.2.2. Change in the gender gap. The following changes in exogenous factors could
account for the narrowing in the observed gender earnings gap over time: occupation-specific
aggregate productivity, demographic characteristics, costs of participation, and education.
Suppose that women’s participation costs are larger than men’s, and suppose that there is an
increase in the overall productivity within an occupation. Such an increase affects the earnings
of all workers becaus¥; (h;, zZ’, K.t) increaseslf men’s participation rate is high relative to
women’s, it is possible that women’s human capital will increase more than men’s, leading to a
reduction in the gender earnings gap. The relative increase in women'’s participation can cause a
relative increase in employers’ beliefs, further reducing the gender earnings gap. Demographic
changes, such as a decline in fertility and a decline in the cost of producing home goods, can
have a similar effect on the change in the patterns of female labour-market participation and the
gender earnings gap.

An additional factor that the asymmetric information introduces and can account for the
narrowing gender earnings gap is changes in beliefs across cohorts. While the equilibrium is
characterized for each cohort separately, we observe in the data several overlapping cohorts
allowing us to quantify the difference in employers’ beliefs across cohorts.

4. EMPIRICAL IMPLEMENTATION

Panel data are needed for the empirical implementation of the model,rse-l&t ..., N index
individuals and =1, ..., T index time periods. Note that we do not us® index individuals
because there are a number of gender-specific functe®gsko(:|-) and i t+1(-,-)) that will

be estimated for both genders for all observations in our data set. It is assumed that all labour-
market decisions{am}n:’Tl’t:l = {(Onht=1, {Inct—1}ce(p NP), hm)}r':fl’t:l, are observed by the
econometrician. We denote the gender of a given observation by the indigatnd assume

that all the individual systematic time-varying determinants of the utility of non-market hours,
{Znt}rl:l:’-jli,tzl = {(@no, ..., ant—1, Xnt, in)}r’:l:’ltzl’ are observed by the econometrician. We also
assume that our measure of sal&y, is an error-ridden measure of the true sal&y;. The

error is assumed to be classical and therefore independent of all production-relevant variables,
gender, and occupation. We further assume that all the individual production-relevant variables,
217’, except for individual-specific time-invariant variables, denoted fyare observed by the

econometrician. Consumption is assumed to be observed and is measured at the household level.

To handle this issue, we follow the standard solutions in the literature on the estimation of the
consumption equation. We provide details below.

6. See Tirole (1996) for a dynamic-adverse-selection and statistical-discrimination model. The difference
between this model and Tirole’s arises because the matching in Tirole’s model between firms and workers is random.
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The theoretical model is written and solved for a single cohort; the empirical implementation,
however, uses data from a number of overlapping cohorts. A cohort is characterized by the year
of birth and years of completed education. The large number of cohorts in the data makes it
undesirable to enumerate all the cohorts; instead, we note that there is a one-to-one mapping
between a cohort and age, current year, and years of completed education. The functions that
depend on cohort are the transition function of the time-varying characteristigs;+1 | z),
andthe employer’s beliefspi,t+1(ht, wf). These two functions depend on age and years of
education and including year dummies makes them a function of the cohort as well. These
functions are estimated non-parametrically using kernel-density estimation.

The private information we use in the estimation consists of data that the econometrician
observes as well as persistent heterogeneity unobserved to the econometrician. To select which
variables are private information, we first choose variables that are not observed by potential
employers and the worker is not obligated to report truthfully by 1ane then develop a test
for private information which allows us to test the assumption that these variables are private
information. The persistent unobserved heterogeneity is the inverse of the Pareto weights (»
that enter the Frisch demand for consumption. It depends on the family budget constraint and
is therefore private information by nature. We estimate this persistent unobserved heterogeneity
in a first stage as a fixed effect and use it in the final stegé the econometrician observes it.

This estimation procedure is possible because of the additive separability of consumption and
non-market hours in the per-period utility specification (see Sed&ifor details). Below, we
describe the data and parametric assumptions we make about the model’'s underlying primitives.

4.1. Data

This paper uses the Panel Study of Income Dynamics (PSID) because it includes a long panel
of matched data on individuals’ working, marriage, and child birth histories for overlapping
cohorts. The two main disadvantages of using the PSID is the lack of non-food consumption and
good job-to-job—transition data. As a result, job switches in the data are occupation changes and
transitions in and out of the labour fore.

The data are taken from the Family File, the Childbirth and Adoption History File, the
Retrospective Occupation File, and the Marriage History File of the PSID. The sample contains
individuals who were either thelead or Wife of a household in the year of the interview.
Individuals are classified into two occupation categories, professional and non-professional. We
only keep White individuals between the ages of 25 and 65 in our sample. After eliminating
those with missing values, we are left with 15,702 individuals between the years 1968 and 2007
of which 46% are women. However, we only have annual labour-market data for the years 1968
to 1997. The construction of our sample and the definitions of the variables are described in
greater details in Appendik.

The average annual earnings for men increased by roughly 58% over the period, from
$40,000 per year in year-2000-constant dollars in 1968 to $63,000 in 1997. Meanwhile, the
average annual earnings for women increased by around 113% over the same period, from
$16,200 in 1968 to $34,000 in 1997. As Fig@shows, the earnings gap declined by around
19% (10%) in professional (non-professional) occupations over the period. Note that the
earnings gap is normally 50% larger than the wage gap because women not only earn less but

7. Note that while the PSID survey data are readily available, the specific individual information recorded in them
is anonymous and cannot be obtained by potential employers.

8. This is consistent with the equilibrium job turnover in our model in which workers do not change employers
within an occupation.
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also work fewer hours per year than men. We therefore focus on the earnings gap in order to
capture both dimensions.

Tablel contains summary statistics of our main labour-market and human-capital variables.
The participation rate for men is relatively constant over the sample period with a slight decline
towards the end. In contrast, the participation rate for women increased significantly, from
54% in 1968 to 76% in 1997. The average annual hours worked by men is also relatively
constant, but the average annual hours worked by women increased by roughly a third, from
1400 hours per year in 1968 to 1868 hours in 1997. Although the hours-worked gap between
women and men has narrowed significantly, it remains large. The gender gap in the average years
of completed education has almost completely closed by 1997. Women'’s representation in the
professional occupations increased by roughly 64% over the sample period, going from 28% of
the occupation in 1968 to around 46% of the occupation by 1997. At the same time, the fraction
of women working in the non-professional occupations remained constant over the period.

Table 2 contains summary statistics of our main demographic and wealth variables. The
sample includes the household size and the age distribution and number of children. Both the
household size and the number of children declined, but the decline in the number of young
children is the most pronounced. Roughly 80% of our final sample is married in any given year
of the sample.

Our measure of consumption is food consumption. Food consumption expenditures for
a given year are obtained by summing the values of annual food expenditures for meals at
home, annual food expenditures for eating out, and the value of food stamps received for the
year. Household food consumption has declined over the period whilpeheapitafood
consumption has increased.

4.2. Consumption

Following the literature on the estimation of the consumption Euler equatioB(seaing and
Lusardi,1996, for a survey), we use the constant relative risk aversion (CRRA) utility function:

Ui2(Cnt, Xnt» €2nt) = EXP(Xfy B4+ e2nt)Cry /a1, (26)

wherel — «a, the coefficient of relative risk aversion, must be positive in order for the utility
function to be concave. The function d&xf) Ba+ 2nt) is effectively an adult equivalence scale;

itis used in the literature to get around the problem that consumption is typically measured at the
household level, but the object of interest is the marginal utility of consumption at the individual
level. Substituting the utility function into equatioB)(gives

exp(x,/n Bs+ Szm)Cgt_l = Nnit. (27)
We take logs and get a log-linearized Euler equation:
Incnt =X, (L1—a) " 1Ba+ (@ — D)7 Hinyn + (@ = D)7 Hn Ay + (1 —a) Leon. (28)

This equation captures, in a simple and parsimonious way, several important features of our
model worth notingx;,; captureschanges in the individual circumstances over the life cycle.
Therefore, if an individual changes households (egrriage, divorce), the individual Pareto
weights 771 would be identified assuming that the utility functional form is invariant across
these different household configurations controllingXgr The above condition also captures
implicitly the intertemporal substitution (the elasticity of intertemporal substitutiom-isk)~1),
precautionangaving and bequest motives.
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TABLE 1
Summary of labour-market and human-capitatiables

Participation Hours Earnings Fraction of women Education
Non-
Male Female Male Female Male Female Professional professional Mdfemale
1968 093 054 2244 1401 38 162 028 045 122 117
(025) (0-50) (631) (731) (249) (1098 (34) (2:6)
1969 096 060 2240 1371 4P 162 029 048 121 117
(0-18) (049) (610) (739) (266) (112 (34) (2:6)
1970 097 064 2216 1332 4B 162 0-30 049 121 118
(0-18) (0-48) (593) (758) (265) (110 (34) (2:6)
1971 096 063 2175 1382 47 170 032 048 122 118
(020) (©048) (636) (750) (249) (116 (33) (2:6)
1972 095 062 2155 1389 47 174 032 049 122 118
(021) (049) (636) (728) (262) (118) (33) (2:6)
1973 096 060 2188 1411 42 178 0-30 047 122 119
(0-19) (049) (633) (720) (265) (112 (33) (2:6)
1974 095 062 2130 1424 42 1841 032 047 122 119
(023) (049) (641) (713) (284) (125) (33) (2:6)
1975 092 062 2230 1415 4D 177 032 048 123 119
(0-27) (©49) (641) (726) (306) (119 (32) (26)
1976 092 062 2092 1395 409 178 035 049 123 120
(0-24) (©49) (677) (726) (311) (124 (3-2) 25)
1977 091 061 2119 1418 4B 1841 035 050 124 118
(0-27) (©49) (668) (706) (310) (124 31 25)
1978 087 062 2115 1454 42 186 033 046 124 120
(0-33) (049) (650) (737) (328) (125 (31 (25)
1979 091 063 2141 1472 45 187 0-36 049 124 121
(029) (©48) (675 (711) (303) (127 (31 (25)
1980 091 065 2112 1450 42 185 0-38 050 124 121
(0-29) (©048) (651) (726) (282) (124 (3-0) (25)
1981 091 064 2199 1642 43 199 037 045 126 122
(0-28) (048) (578) (607) (283) (137) (2-8) (24)
1982 091 064 2166 1630 4B 197 0-36 046 126 123
(029) (©48) (576) (617) (283) (121) (2-8) (24)
1983 090 065 2136 1632 43 202 037 047 126 123
(0-30) (048) (600) (628) (312) (137) (2-8) 23)
1984 090 067 2142 1635 4q 204 038 047 126 123
(0-30) (©47) (586) (628) (327) (1398) 27 23)
1985 090 070 2188 1646 42 206 040 047 126 123
(0-30) (©045) (615) (680) (399) (131) 27 23)
1986 090 070 2192 1665 49 216 039 048 127 123
(0-30) (©46) (576) (678) (395) (151) 27 23)
1987 090 070 2215 1690 42 225 039 048 127 123
(0-30) (46) (612) (662) (415) (151) (2-6) 23)
1988 090 071 2230 1691 46 232 041 048 127 124
(0-30) (©45) (594) (671) (514) (153) (2-6) 23)
1989 089 072 2221 1703 47 237 041 047 127 124
(031) (©45) (610) (676) (540) (166) (2-6) 23)
1990 088 072 2251 1683 49 238 041 048 127 124
(032) (©45) (579) (631) (507) (174 (2-6) 22
1991 087 072 2259 1807 42 237 042 043 127 125
(033) (049) (576) (641) (4150 (187) (2-6) 2-3)

(continued)
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TABLE 1
Continued

Participation Hours Earnings Fraction of women Education

Non-
Male Female Male Female Male Female Professional professional Mdfemale

1992 087 074 2221 1815 42 241 043 050 128 126
(033) (0-44) (606) (682) (448) (182) (26)  (23)
1993 091 076 2205 1801 52 291 045 049 127 125
(030) (046) (632) (609) (586) (232) 25) 23
1994 091 077 2250 1820 5B 293 046 048 127 126
(028) (042) (591) (580) (552) (212) 24) (22
1995 092 078 2260 1833 59 303 047 048 127 126
(027) (041) (604) (600) (566) (234) 25) (22
1996 093 079 2276 1829 58 331 048 047 129 28
(025) (0-40) (587) (606) (593) (268) 25) (22
1997 090 076 2280 1868 67 340 046 046 129 128
(032) (047) (550) (563) (913) (282) 24) 22

Notes:Standardieviation in parentheses. Earnings in thousands of year 2000 US$.

4.3. Production function

The output for occupation in periodt measured in relative prices is specified as

p p
Yz (hnt, pr Ket) = Kot +brahne + brzhﬁt + Zbr3r Pnt—r zbr4r Ont—r + brsaggy,
r=1 r=1

+ b,eag€, + b,7age, x educatioq + vn, (29)

wherevy is an individual effect fixed across occupations and time. The aggregate shock to
productivity, K;¢, enters the production function linearly, capturing the relative increases in
productivity or changes in the relative prices of goods produced in an occupation. We allow for
the possibility of non-linearity in the productivity of current and past hours. This specification
was chosen for its strong support in the empirical literature (see, among dickrtein and
Wolpin, 1989;Altug and Miller, 1998). It implies that human capital is general in nature but has
occupation-specific returns.

4.4. Utility from non-market hours

Following the literature, we assume that the idiosyncratic preference sh@gks,eint),
are distributed as a Type | extreme value with variance parameteand mean zero. This
distributional assumption for the preference shocks implies that the inverse Et[th‘é| wt]
is given by

QH(pP(@) = In[pP(@1)/ (1= pP(e))], (30)
andthe expected values of the shocks, given the state and decisions, have the following forms:

Exfeor | o1, &2 = 0] = po( (o) = & —a Inl(1— pP(on)] (31)

and ¢
Etle1t | o, d2 = 1] = p1(p1(ar)) = il In[pP ()], (32)
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TABLE 2
Summary of demographic and wealtlriables

Food Family Number of kids Marital

consumption size Age < 5years old aged 6to 17 status

1968 4.0 378 0-56 094 0-85
(1:9) 107) (0-82) 1-3) (0-35)

1969 77 4.0 385 053 093 0-86
37 (19 (109) (0-83) (13) (0-35)

1970 77 3-8 386 0-49 087 0-85
(36) (1-8) 113) (0-79) (13) (0-36)

1971 75 37 390 0-44 0-85 0-83
(35) (1-8) 116) (0-76) 12 (037)

1972 74 3.7 393 042 0-80 0-82
(35) (1-8) 118) (0-72) 12 (0-38)

1973 74 36 395 0-39 0.77 0-82
(34) (1-8) (122) (0-69) 11) (0-38)

1974 73 34 398 0.37 071 0-82
(34) (1-8) (125) (0-68) 1) (039)

1975 69 33 398 0-35 0-66 0-81
(32) @7 126) (0-67) (1.0 (039)

1976 6-8 33 397 0-35 062 0-80
(32 @7 126) (0-68) (1.0 (039)

1977 67 32 397 034 0-60 0-79
(33) (16) 126) (0-68) (0-:96) (0-40)

1978 65 32 389 041 051 0.77
(35) (1-6) 127 (0-72) (0-87) (0-42)

1979 67 31 398 0-34 053 0.77
(33) (15) 125) (0-66) (0-88) (0-42)

1980 66 31 399 0-35 050 0-78
(33) (15) (125) (0-69) (0-84) (0-42)

1981 6-4 31 388 0-39 050 0-80
(31) (1-4) 119) (0-69) (0-82) (039)

1982 6-3 31 389 0-38 050 0-80
(31) (1-4) (118) (0-69) (0-82) (0-40)

1983 6-3 31 390 0-38 051 0-80
(31 (1-4) (11-8) (0-67) (0-84) (0-40)

1984 6-3 31 391 0-38 051 0-80
(31) (1-4) 117) (0-70) (0-84) (0-40)

1985 65 31 396 0.37 053 0-80
(38) 14) 115) (0-68) (0-85) (0:40)

1986 6-4 31 402 0-37 056 0-81
(32) (1-4) 112) (0-69) (0-87) (0-40)

1987 6-5 31 406 0-36 0.57 081
(31) 1-3) (108) (0-67) (0-87) (0:40)

1988 6-6 31 414 0-34 058 0-81
(30) 1-3) (106) (0-66) (0-87) (0:40)

1989 6-5 31 421 0-33 059 0-81
(29) 1-3) (103) (0-63) (0-87) (0:39)

1990 6-6 31 427 0-30 061 0-81
3-2) 1-3) (101) (0-62) (0-89) (0:39)

1991 6-4 3.0 437 0-29 058 077
(31) (1-4) (102) (0-60) (0-87) (0-43)

1992 6-7 31 440 0-29 062 0-82
(38) 1-3) 9-6) (0-61) (0-89) (0-39

(continued)
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TABLE 2

continued
Food Family Number of kids Marital
consumption size Age < 5years old aged 6to 17 status
1993 6-5 31 430 030 054 0-76
(3-2) (1-5) 110) (0-62) (0-85) (043)
1994 71 31 420 0-29 054 0.74
(6:0) a4 99) (0-61) (0-84) (0-44)
1995 63 31 430 0-27 054 0.74
(8-8) a4 110) (0-61) (0-84) (0-44)
1996 62 30 43 0-25 054 0.74
9-2) a4 110) (0:57) (0-84) (0-44)
1997 70 30 440 0-22 053 0-75
(11.0) (1-4) (100) (0:53) (0-84) (043

Notes:Standardleviation in parentheses. Household income and food consumption in thousands of year 2000 US$.

wheref is the Euler constant.

We parameterize the cost of working to include a linear additive aggregate shock that does
not depend on gender, non-separability in past participation, and gender differences in the effect
of the observed time-varying characteristics. It takes the form

2
Uio(z,¢t) =g+ ZKisdt—s + x{Bi1.
s=1

The specification of the utility from non-market hours follows the literature on non-separable
utility (see, among otherg¢jotz et al,, 1988;Altug and Miller, 1990; Beckeret al., 1994) but
allows the effect to differ by gender. Specifically, we assume the following functional form:

2

Uin(l; 20) = X1t Biz+6iol{ + D bisltls. (33)
s=1

This specification allows for concavity in current houre(6,o < 0) andfor past and current
hours to be either compliments or substitutes ;s > 0 or 65 < 0).
4.5. Statevariables

A large state space is a major difficulty in estimating dynamic programming models. The
literature typically addresses this problem by either restricting the agent’s observed state
variables or by assuming functional forms of the production and utility functions that limit their

dependence on past decisions. We can only partially adopt these strategies, however, because our

model is a signalling game and past decisions are central to modelling reputation. Specifically, in
a perfect Bayesian equilibrium, the beliefs depend on all past decisions, not just on those relevant
to the pay-offs (i.eutility and output). In order to make the estimation feasible and at the same
time capture the signalling content of past decisions, we restrict the beliefs to depend on the
complete labour-market history in the past three periods and the total number of periods worked
in the occupation. This restriction, along with the Markovian assumption on the transition of
the exogenous variables, allows the model to satisfy the stationarity property fiailectate
dependence.
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A decision process is said to exhibit finite-state dependence if there exists a finite sequence
of future decisions that lead to the same state variables irrespective of what decision is taken
today. Below we state formally the definition and show by construction that our model satisfies
this condition.

Definition 2. Given any value of the initial state variableg, there exists a finite integer,
p(wo), a value of the state variable,, (., and two sequences of choices over the nexip)

periods, denoted byd) ™ () = (d§ (wr+1), Ot-‘,—p(wo) (@4 p(p) and d2 () =
(A (@t41), - ftfg(wo) (@4 (wg))) SUChthat |rrespect|ve if choick = 0 ork = 1 is chosen
today the state wil b, () atdatep (wo).®

We first characterize all the different possible sequences of choices that can lead to the same
labour-market history at a certain point in time due to finite-state dependence. Consider the
hypothetical labour-market histories
(1? = (NYnlt—1+s, NYnZt—l-'rSa dnt—3+s|n1t—3+s, dnt—3+s|n2t—3+s, ooy Ont—1ln1t-1,

dnt—l I n2t—1, Inlts |n2t, 09 LR 05 hnt—3+s, LR hnt—l, h;ts O’ R 09 X[{]t+s) (34)

and
s
én) = (NYnlt—l-',-s, NYn2'(—1+s’ dnt—3+s|nlt—3+s, dnt—3+s|n2t—3+s, ) dnt—l'nlt—l,
dnt—l I n2t—1, 07 05 Inlt: |n2t, 05 [EEE) o’ hnt—3+53 [EEE) hnt—l» 07 h;’k]t7 03 LR 07 X;'It-f—s)’ (35)
where

Nant—l—i—S = Nant—l + Inrt

fors=1,2,3. The vectorz(lsrft is the state vector of an individual in peridd-s, with a state
vectorz,;_1 at periodt, who chooses to work in peridd making optimal hours and occupation
choices, and then chooses not to work in ¢he 1 periods following period. Similarly, the
vectorzésn)t is the state vector of an individual with characteristics veetpr, enteringperiod

t, after choosinghot to work in periodt, but choosing to work in periotl+ 1; the hours and
occupation choices in periddt 1 are the same as the optimal hours and occupation chibiees
individual would have made in period t if he/she worked. For the followinrg? periods after
periodt + 1, this individual chooses not to work. Note that these two sequences of decisions will
lead to the same labour-market history in perieg4. Let us define the following participation
indices that correspond to the decision sequences that lead to a statez&?,%ctor

dﬁ])t =(1—dnt-1) X --- X (L= Ont—s—1) X Ont—s
and
d(()?])t = (1—dnt—1) X -+ X Ont—s—1 X (1 = Ont—s).

Notethatdﬁ)t anddéf])t take the value 1 if the individual entering peribtias followed a decision

path identical to the paths specifiedzﬁsgt andz(()?t. These are then the sequences as required by
Definition 2. This definition can be generalized to account for stochastic transitions of the state
variables. In that case, a decision process is said to extdzhastic finite-state dependerite

9. Unlike the optimal participation choicei{’(“"))(wt) doesnot depend ore by definition. Instead, it is a
deterministic function of the state variables.
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there exists a finite sequence of future decisions that leads to the same distribution of the state
variables irrespective of what decision is taken today. The Markovian transition of the variables
Xnt isthen needed for the above decision sequences to satisfy the assumption of stochastic finite-
state dependence.

5. ESTIMATION AND IDENTIFICATION

The possibility of multiple equilibria poses a problem in estimating game-theoretic models
because it induces indeterminacy in standard estimation-criterion functions, such as the
likelihood functions, that map the structural parameters of the model to the observed
distribution in the data. One solution the literature proposes is based on the following intuition.
Conditional on other players’ equilibrium strategies, each player’'s decision becomes a single-
agent maximization problem.¢. the best-response function). This maximization problem is a
necessary condition that holds in all equilibria; hence, an estimator of the structural parameters,
based on this necessary condition, will be well defined if the model is identified.

In order to formally describe the distinction between multiple equilibria and identification,
we first introduce the following notation. Define the mappifgrom the space of structural
characteristic® (M) to the space of conditional distributiods such thatF(6(M)) contains
all the conditional distributions predicted by the model when the structural characteristic is
6#(M). Multiple equilibria means that(9(M)) is a correspondence, while identification means
that the inverse mapping—1(-), evaluated at the population distributimlx, is a function.
Clearly, a mapping can be a correspondence and its inverse a function, which means that
multiple equilibria may not imply nonidentification. Relying @heshei(2007), we show that
there exists a functional of the conditional distributid?rl(Fy|x), with the property that the
functional returns the valué* in all the admissible structures of the model wéttM) = 6*
andhence our model is identified. This functional gives us a natural analogue estimator of the
structural parameters of our model that gets around the problem of multiple equilibria. In the
online appendix, we show that our identification results are more general and that the model is
semiparametrically identified.

5.1. Identification

The assumption that the utility function is additively separable in non-market hours and
consumption is necessary for identification. Using the variation in consumption over time,
across individuals and across different household configurations, allows the identification of
the Pareto weightg, ! (unobsered heterogeneity) and the aggregate price of consumpgtion,
from equation (28).

The production functions and hiring costs are identified from the variation in salaries across
occupations and gender for individuals with different patterns of future labour supely (
propensity to change occupation, labour-market participation, and amount of hours worked).
We assume that the unobserved individual-specific effgctis correlated with all the time-
invariant publicly observed variables such as gender and completed education but not with the
time-varying variables (seundlak,1961,1978; Chamberlain1984). Taking the expectation
over v, of the zero-profit condition transforms the earnings equation into a partial linear-
panel-data model, where the non-linear part is the expected valyecohditionalon the time-
invariant publicly observed variables. We can now use standard panel-data transformations to
show that the time-varying production function parameters and the hiring cost are identified. We
then use the individual-level zero-profit condition to identify the individual-specific fixed effects.
Appendix B contains a detailed description of this result.
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Each equilibrium generates specific conditional choice probabilities. In principal, any set of
observed choices in the data could be generated by a mixture of different equilibria. Following
the literature on estimation of games, we assume that conditional on observed charact@ristics,
the data are generated by only one equilibrium (8sgari et al., 2007; Aguirregabiria and
Mira, 2007; Pesendorfer and Schmid2p08). Under this assumption, the conditional choice
probabilities are identified. Note, however, that this assumption allows for different equilibria to
be played across different cohorts and across different types of workers.

The utility from non-market hours is identified from the variation in the hours worked,
labour-force participation, and occupation choices made over time given different salaries.
This identification result relies on the above assumptions on the equilibrium selection and the
stochastic finite state dependence of the state variables. To set some notatiﬁﬁ denotethe
state in period + s if, at timet, thek-th option is taken—i.e.d= k—andthe decisions along
the finite sequence that leads to the same state variable are taken |n the fokopénigds.
Denote bypklt, the probability thais s = 1 conditional ona)( —i.e. pkIt = Et[di4s | a)k‘?].

Then the optimal participation decisions described in equatlibﬁ) (and the hours Euler
equations, (18) and26), (depending on whether information is symmetric or asymmetric)
become

(s)
o .
m|2t—77/1tz I ﬁffZﬁs'“( pg) Jln[lfltpit}

7e{P,NP} Oit
2 2
+ ¢+ D Kisthos+ X/ Bir— X{hBiz— 00 (1= 19) = D s (s + 5%  (36)
s=1 s=1

and

Mi3t = ﬂit Z |0 SOTI +o Zﬂ (1 pfﬂ)_l pllt Xt Bi2— 290||t+295| (lt s+ﬂ )
7€{P,NP} s=1

(37)
where E¢[m;jjt] = O for j € {2,3}. These equations are obtained by applying Hetz and
Miller (1993) inversion and the alternative valuation-function representation to the participation
equation (15) and hours Euler equation$8)( or @5), in Altug and Miller (1998). The
above equations are derived in Appendix B. By inspection, the model is identified once
the consumption and salary equations, the beliefs, and the conditional choice probabilities are
identified.

5.2. Estimation

5.2.1. Consumption. We estimate equatior28) using standard panel-data estimation
techniques. We estimate the marginal utility of wealth— o) 1y, for each individual in our

10. Observable characteristics are either characteristics directly observed in the data or characteristics that can be
identified from the data separately, such as the individual fixed effects in production and consumption.
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sample. Because the standard fixed-effect estimates (ustetkman and MaCurdy,980) are

biased for smalll, we use consumption data for the period 1969-2007; these consumption data
are available annually for the years 1998-2008. We are unable to use data for the years after
1997 to estimate the rest of the model because other variables needed for the estimation are not
available annually.

5.2.2. Equilibrium beliefs, their derivatives, and conditional choice probabilities.

The equilibrium beliefs for each occupatiopn.t+1, are computed as a non-linear regression
of the product of the next-period participation and the occupation choice idgeX, x In;t+1,
onthe current-period’s publicly observed state variables and hours wdrkgaonditional on
working today in occupation. The nonparametric estimates pf,;t+1, denoted bypNTtH,
arecomputed using the kernel estimator. We then estimate their derivatives using the standard
nonparametric-derivative kernel estimator (Bagan and UllahL999).

In contrast to the beliefs, the conditional choice probabilities are defined from the workers’
perspective and not the employers’. The elements includeg iarethe number of individuals
in the family unit, the number of children age 5 and younger, the number of children from
age 6 to 17, age, years of completed education, marital status, spouse’s years of education, and
gender. The conditional choice probabilitigs,t, are computed using non- Iinear regressions of
the participation indexnt, on the current state-variable vect@}‘,}f = (ZN/ Kpt KNPt, /IN)/
wherethe superscriplV denotes an estimated quantity.

5.2.3. Estimation of the finite-state path probabilities and their derivatives. Let
wl(j])t/\/ (Zntys» KPtaKNPt”/'r/mv t+s)’ for k = {0 1} be the empirical counterpart of the

hypothetical state. Recall the;q(<t = Et[di4s | a)kt ] hence, it can be estimated as non-linear

regressions of the participation inded;;, on the hypothetical stateql((sr'])tN, conditional on
dlif])t = 1. We then evaluate the terﬁ"pl(i)nt /0hnt usingthe standard non-parametric derivative

kernel estimator (Pagan and Ul|&l999).

5.2.4. Earnings equations. We estimate the parameters of the earnings equations
using the specification of the production function, the assumption that employers observe the
occupation and hours choices in the past three periods as well as the total number of periods
worked in each occupation. We derive a moment condition using the assumption of the free-
entry condition. From the free-entry condition, the expected lifetime profits of an employer from
each contract is zero, conditional on the employer’s information. Defuiipg= In.t X dnt, we
derive the moment condition based on this condition:

p
Mnt (gwr) = Snrt — Kot —b1chne — bZZhﬁt - Zb3rrhnt—r
r=1

P
- Z br4r dnt—r - Znt/ Bs; —on+ Ve — dnt+l | nrt+lﬁ3’r P (38)
r=1

whered,,, denoteghe (7+ T)-dimensional vector of parameters we estimate. Using equation
(38), we obtain a set of orthogonality conditions which can be exploited to estiipatasing
standardpanel-data techniques of optimal instrumental variables or two-stage least squares
(2SLS).
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5.2.5. Utility of non-market time. The remaining parameters are estimated by
Generalized Method of Moments (GMM) using the empirical counterpart of equaBéhsuid
(37). They are constructed by substituting the estimated quaniftieg:dt, S0, Pint, pi((s))m,

(S) . - - . . . . (S)
and aaplglft . The remaining details of the implementation, the estimatiop; gf, pfé)m, and%pg—i':‘,

andthe asymptotic properties of the estimator are in Section 2 in the online appendix.

6. EMPIRICAL RESULTS

The estimation results are shown in TabBthrough6 and Figuresl through 3. The results

from the earnings equation are reported in Tahland Tables reports the non-market hours

utility parameters, the risk-aversion parameter, and the variance of the idiosyncratic preference

shocks; these results are consistent with the empirical regularities that women sort more into

non-professional occupations, spend more hours on non-market activities, and accumulate less
human capital than men. The estimates of the aggregate productivity shocks in professional

and non-professional occupations are consistent with the increase in women’s representation in
professional occupations over time.

We show that the symmetric- and asymmetric-information models are nested and reject the
hypothesis that the data were generated by the symmetric-information model. We then show that
the asymmetric-information model accurately predicts the gender earnings gap, age—earnings
profiles, and the changes in the gender earnings gap over time and over the life cycle. Figures
and3 show the fit of the model in several dimensions.

6.1. Earnings equations

6.1.1. Asymmetric information, specification, and goodness-of-fit tests.We begin
by developing a three-step test of the asymmetric information. Under the hypothesis that the
information is symmetric, the zero-profit condition implies tEafmp;t (@) | ot, i, dnt It =
1] = 0, while under asymmetric information it implies th&[Mn:t(w:) | of,i,dntInt =
1] = 0. Thus, under asymmetric information, the employers’ information is a subset of the
information available to them under symmetric information. Therefore, if the model is identified
under asymmetric information, the variables assumed to be private information should also be
orthogonal to the zero-profit condition under the null hypothesis that information is symmetric.
Whether these variables are orthogonal or not serve as over-identifying restrictions. This leads
to a natural nested test of both models using the standtaedt in an optimal GMM setting.

In the first step, the over-identifying restrictions test rejects the earnings equation
specification under symmetric information (thestatistic is 76.3). That is, it rejects the
hypothesis that the production function takes the functional form we specified and that the
variablesNumber of individuals in the Householdumber of Kids, Martial Statysviarginal
Utility of Wealth Spouse Labour-Market Incomand Spouse Educatioare included in the
information set of the employer.

In the second step, we perform an over-identifying restrictions test for the earnings
equation under the null that the information is asymmetric. There are different over-identifying
restrictions built into the asymmetric information model; as noted in the identification section,
we only need one of the exclusion restrictions, gender or cohort, to achieve identification. Using
as instruments five periods of labour-market histories, gender, and cohort, we were not able to
reject the over-identifying restrictions.

Since the production function is similar under symmetric and asymmetric information, the
only difference between the two specifications of the earnings equation is the information
structure. Rejecting the information structure in the symmetric-information case is not sufficient
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to show that this information is private. These variables should only be included in the
information set of the employer if they affect profits. In the third step, we test and confirm
that these variables predict future occupation participation. We can, therefore, conclude that the
earnings equation specified under the symmetric-information assumption is rejected because
the variables above affect the employers’ profits, yet they are not priced. For the rest of the
paper, we use the asymmetric model; we estimate the earnings equation using both a 2SLS and
an optimal GMM. The results are identical so we only present the 2SLS results below.

We assess the model’s fit by looking at how well it predicts three important features of the
data: the (unconditional) evolution of the gender earnings gap over the life cycle and its evolution
over the life cycle conditional on continuously working full time, the age—earnings profiles, and
the change in the gender earnings gap over time. F@sinews that the model does a good job in
predicting the trend in the gender earnings gap over time. FRjsinews that the model predicts
well the increase in the gender earnings gap over the life cycle and its decline for men and women
who work continuously full time. The main force driving the first result is the increased gender
gap in human capital, while the latter is driven by the faster increase in earnings of women who
consistently work full time relative to that of men.

6.1.2. Parameter estimates. The main purpose of estimating the consumption equation
is to obtain estimates of the marginal utility of wealth for our main estimation equations.
Therefore, we do not focus the discussion on these results. Jablatains the results from this
estimation. These results are standard and consistent with estimates of these parameters in the
previous literature (segltug and Miller, 1998; Gayle and Miller, 2004, for similar estimates).

TABLE 3
Panel estimates. Dependent variable: log household annual food consuni@&$2007

Age 0-00447
(0-0164)
Age squared ©@00280**
(2-15e—05)
Numberof individuals living in the household 0-226**
(0-00367)
Numberof kids between ages 6 and 17 in the household —0-136***
(0-00565)
Numberof kids between ages 0 and 5 in the household —0-181***
(0-00573)
Northeastegional dummy 0-0842"*
(0-0415)
Southregional dummy —0.0846**
(0-0306)
West regional dummy —0-0779*
(0-0322)
Constant 6-869"**
(0-648)
Individual-specific effects Yes
Observations 424,656
R? 0524
Numberof id 15,702

Notes: Standarderrors are in parentheses, *#§*< 0.01, **p < 0-05, *p < 0-1. Data from
PSID, each regression also includes yearly dummies.
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2SLS estimates of earnings equation. Dependent variable: Average weekly eatBir@s]1 996

Variables Professional Non-professional
Hoursworked 20-23%** 12.63%**
(1-200) (0-469)
Hours worked squared —0-156*** —0-0736**
(0-0141) (0-00640)
Hours worked lagged 2.645** 2.196***
(0-292) (0-107)
Hours worked twice lagged 2.374** 1.440**
(0:313) (0-109)
Age 3627 10.72¢
(14.08) (5-904)
Age squared —0-559*** —0-252**
(0-0564) (0-0170)
Age x years of completed education 0-997** 1.328**
(0-402) (0-205)
Dummy = 1 if worked last year —1659 —28.01***
(14.06) (6-995)
Dummy = 1 if worked 2 years ago —5066*** —1584***
(1322) (5-639)
Probability of working next in occupation 82.26*** 5800
(2321) (3727)
Individual-specific effects Yes Yes
Constant —9395* —5125%**
(48038) (1972)
Observations 37,618 81,272
R2 0-258 0284
Number of id 5600 10,271

Notes:Standarcerrors are in parentheses, *< 0-01, **p < 0-05, *p < 0-1. Data from PSID, each
regression also includes yearly dummies.

The estimation results in Tabld reveal comparatively larger returns to experience in
professional occupations, faster depreciation of human capital in non-professional occupations,
and a larger hiring cost in professional occupations. For example, the return to working full
time (40 hours per week) versus part time (20 hours per week) in the previous year is $2751 in
professional occupations versus $2284 in non-professional occupations; this difference is larger
for experience accumulated with a two-year lag. The cost of hiring a new worker (the discount
factor is assumed to be 0.95) is $4502.65 in professional occupations versus $3174.74 in non-
professional occupations. The three factors we describe above affect occupational sorting. To
see that, consider a man and a woman choosing an occupation, and suppose that the woman'’s
probability of an employment spell interruption and her time spent on non-market activities
are larger than the man’s. The salary cost in occupatiazaused by the hiring costs and
probability of interruption of employment spellg, (1 — S Bi-t+1(ht, @;)), is comparatively
lower in non-professional occupations. In addition, the depreciation rate of human capital is
higher in the non-professional occupations. The returns to labour-market experience, however,
are larger in professional occupations. Thus, women, in equilibrium, are more likely to sort into
non-professional occupations, which penalize interruption of employment spells less, despite
the lower returns to experience. Men, on the other hand, accumulate more human capital and
have less frequent interruptions of employment spells than women; this reduces the salary cost
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Aggregate occupation-specific productivity shocks

associated with the hiring costs, and therefore, they are more likely to sort into professional
occupations. Consistent with other studies Saed and Dinard@002;Lee and Wolpin2010),
Figurelreveals a significant increase in aggregate productivity in professional occupations since
the mid 1980s and a smaller increase in the 1990s in non-professional occupations; these findings
are consistent with the increase in the proportion of women working in professional occupations.

6.1.3. Other sources of discrimination. Our model captures statistical discrimination
linked to the probability of future interruption of the employment spell. There are two other
notable types of discrimination we do not consider: Becker’s taste-based discrimination, and
statistical discrimination linked to unobserved productivity (€eate and Loury1993). In its
simplest form, Becker's model would imply a fixed differential wage for men and women; if
taste does not change over time, it should appear as a gender gap in our individual-specific
productivity estimates. The second form of discrimination can affect our estimates in the
following way. Suppose that there are unobserved productivity gender differences, and suppose
that education is used as a costly signal of productivity; then employers would pay workers their
expected productivity given their education. In our sample, however, education level does not
change over the life cycle; therefore, this form of discrimination should appear in the individual-
specific productivity estimates.

Table 5 shows the regression results of the unobserved individual-specific effects on
education and gender. The results reveal that the coefficient on the male dummy is negative,
hence ruling out a taste-based discrimination in its simplest form. The coefficient on the
interaction of the male dummy and education is positive, however, indicating that there is a
gender differential in the compensation for a given education level. This finding is consistent
with the hypothesis that the education signal of productivity is different for men and women.
This effect, however, is not large.
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TABLE 5
OLS estimates of individual-specific effects from earnings equation. Dependent variable:féged ef

Variables Professional Non-professional
Male dummy —51.42%** —5.843
(18.06) (1564)
Years of completed education —1503*** —1657***
(6322) (5-686)
Years of completed education squared 5.426** 6-194**
(0233) (0-220)
Years of completed educationmale dummy 2526*** 17.09***
(1316) (1251)
Constant 8162*** 8051***
(42:24) (36:29)
Observations 5600 10,271
R2 0138 0-106

Notes:Standarcerrors are in parentheses.
** p <001, *p <005, *p <0-1.

6.2. Utility of non-market time

Before we proceed, it is worth noting that we cannot reject the over-identifying restrictions
test for the participation and hours Euler equations. As in other studies that use the PSID and
assume additive separability of consumption and non-market hourgdkies 1989;Lawrence
1991;Shea, 1995, among others), our estimate of the elasticity of intertemporal substitution is
—1.01 (i.e.—1/(1—a)), but it is not statistically significantly different from zero. That is, we
cannot reject the idea that the utility takes the log form; this result is presented in Column (3) in
Table6.

Reviewing Column (1) in Tablé shows that there is no clear trend in the cost of participation
over time; this is in contrast to the resultsGmeenwoocet al. (2005); our time period, however,
does not completely overlap with theirs. Reviewing Columns (2) and (3) of Tatadeeals that
there is a significant non-separability in both the disutility of working and the marginal utility
of non-market hours, and these patterns differ by gender. For example, there are significant
complementarities between current and previous year’s participation and non-market hours
for women; we do not find these complementarities in participation for men. These findings
are consistent wittBecker (1965) theory of home production division of labour and habit
formation. Kids and marriage have the expected effect on the cost of participation and the utility
from non-market hours for women, with young kids increasing the cost of participation and
older kids increasing the utility from non-market hours for women; we find that the opposite
holds for men.

6.3. A dynamic decomposition of the gender earnings gap

6.3.1. Why is there a gender earnings gap? To quantify the effect of labour-market
frictions and asymmetric information on the observed gender earnings gap, labour supply,
and occupation composition, we simulate the model with no hiring cost and with symmetric
information. Under these two scenarios, the model has a unique equilibrium that can be found by
backward induction. We compare the outcomes in each scenario to the observed outcomes in the
data, which are assumed to be generated by the model with asymmetric information. In the model
with no hiring costs, wages are the marginal productivity. Therefore, the gender labour-market
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TABLE 6
GMM estimates utility function. Moment conditions: hours Euler equation and labour-market participation equations

. 2 2
Uito(Znt, () = Gt + 22— q Kir G—r + X5 Bi1; U1 (Znts Int) = Xt Int Biz +6iol % + 221 bishntlnt—s

Time effect (1) Participation cost 2) Marginal utility of leisure 3)
1974 0-429"** Constant —11.30%** Constant 0-671"**
(0-122) (0-345) (0:0128)
1975 —0-110 Individuals in household —0-0894"** Individuals in household 83x 10705
(0-116) (0-0211) (0-000362)
1976 —0-00819 KidsageOto 5 —1.308** Kidsage 0to 5 —0-000429
(0:109) (0-142) (0-00220)
1977 0147 x male dummy @28 x male dummy —0-0126"**
(0:105) (0-149) (0-00228)
1978 —0-454** Kids age 6 to 17 @10 Kids age 6 to 17 @O778**
(0-104) (0-0882) (0-00116)
1979 —0-163¢ x maledummy 0682°** x maledummy —0-0164**
(0-0989) (0-0941) (0-00125)
1980 00407 Age 0-734** Age 0-000385
(0-0986) (0-0164) (0:000262)
1981 —0-0723 Age squared —0-00893** Age squared —5.50x 1006+
(0-0968) (0-000196) (315x 10796)
1982 0-0101 Years of education D3 ** Years of education —0-00792**
(0:0971) (0-0198) (0-000386)
1983 00203 x male dummy @24** x maledummy —0-00120**
(0-0978) (0-0252) (0-000430)
1984 00228 Marital status dummy  —1.093*** Marital status dummy  —0-0692***
(0-0967) (0-326) (0-00536)
1985 0232"* x maledummy —15.77** x maledummy —0-0412°**
(0:0973) (0-345) (0-00202)
1986 00490 Years of education of spouse0-263**  Years of education of spouse 00542**
(0-0961) (0-0126) (0:000101)
1987 —0-0571 x male dummy O 74> x maledummy —0-00476**
(0-0943) (0-0295) (0-000276)
1988 -0-114 Part. dummy last year L2 Squared —0-00429**
(0:0922) (0-104) (5:62x 10795
1989 —0-338** x maledummy —4.846** x leisurelast year 60009353 **
(0-0906) (0-167) (5:67x 10795)
1990 —0-199x% Part. dummy 2 years lagged 0848 x male dummy @00971**
(0:0994) (0-0894) (5-80x 10795)
1991 —0.0233 x maledummy 0761 x Leisure2 years lagged -000811**
(0-103) (0172) (4-49x 10795
1992 0-0384 x male dummy —0-000505**
(0-107) Risk aversion 1 (5:84x 10795)
1993 0.281** (0-012) Inverse of variance of shock -@0663**
(0-121) Obsenations 80,986 (7-69x 10795)

Notes:Standarcerrors are in parentheses.
**xn < 0.01,**p < 0.05,*p < 0-1.
Part. = participation.

differences in the model with no hiring costs are driven by differences in preference and skills

only; the difference in the labour-market-outcomes gender gap between the no-hiring-costs
scenario and the observed data is therefore due to labour-market frictions. We then compare
the outcomes of the model with symmetric information to the observed outcomes in the data and
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qguantify the extent to which the gender gap is due to statistical discrimination. These results are
presented in Figuré and Table¥ and8.

Figure4 reveals that, on average, 70% of the earnings gap is due to hiring costs and about
48% is due to statistical discrimination in professional occupations. This is because, in the
regime with no hiring cost and under the symmetric-information regime, the earnings gap would

Professional Occupations

@ 100
1]
= 80
5
T 60 H Data
E w
~ .?En 40 i Predicted
. £
g S 20 H Hiring Cost
lE 0 H Symmetric Information
] 1974:1978 1984:1988 1992:1996
[T
2 Time Priod
Nonprofessional Occupations
100

H Data
i Predicted

M Hiring Cost

H Symmetric Information

1974:1978 1984:1988 1992:1996
Time Period

Median Female / Median Male
Earnings

FIGURE4
Counterfactual decomposition of gender earnings gap

TABLE 7
Participation and occupatiomomposition

Womenparticipation

Source 1974:1978 1984:1988 1992:1996
Raw 62 70 72
Hiring cost 56 62 61
Private information 51 57 56

Fraction of wvomen

Professional

Raw 34 40 45
Hiring cost 30 35 37
Private information 28 38 41
Non-professional

Raw 48 48 47
Hiring cost 42 40 41

Private information 45 46 45
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TABLE 8
Average annual hours woekl

Professional

1974:1978 1984:1988 1992:1996
Source Women Men Women Men Women Men
Raw 1640 2201 1904 2226 1902 2297
Hiring cost 1975 2017 2057 2098 2049 2087

Private information 1813 2088 1980 2090 1988 2120
Non-professional

1974:1978 1984:1988 1984:1988
Women Men Women Men Women Men
Raw 1424 1998 1635 2117 1773 2184
Hiring cost 1580 2000 1790 2060 1820 2076

Private information 1510 1970 1640 1930 1768 1897

have been 12% and 19%, respectively, instead of the 40% our model prédiRepeating

the exercise for non-professional occupations reveals that 44% of the earnings gap is due to
hiring costs and about 13% is due to statistical discrimination. Tabée®l8 show that, under

both counterfactual regimes, women would have participated less in the labour force, but those
who participate would have worked more hours. These results suggest that the asymmetric
information affects the selection of women into the labour market; on the margin, women with
higher costs of participation participate more. This is because participation provides a signal
that the woman is more “attached.” That is, the returns to labour-market participation are larger
due to the reputation effect. Thus, the decline in the earnings gap relative to the symmetric-
information and frictionless-markets regimes is also due to the selection of women with either
higher productivity or lower costs of participation into the labour markets.

6.3.2. What caused the changes in the gender earnings gapt order to examine the
sources of the decline in the gender earnings gap over time, we decompose it into the following
factors: human capital, beliefs, and othiee.(unobserved productivity and age—education cohort
composition). This is done using the estimated earnings equation. To quantify the effect of each
of these factors, we hold it at the 1972:1978 median levels, allowing all other factors to change.
Figure5 reveals that the decline in the gender gap in human capital almost entirely explains the
decline in the gender earnings gap; the gender earnings gap would not have declined much if
the human-capital gap had remained at its 1970s level. Changes in beliefs had a smaller effect,
and the exogenous factors (other) had the smallest effect on the observed decline in the gender
earnings gap. Since human capital is endogenous in the model, it is affected by discrimination.
We therefore use our model to quantify the effect of the different factors on the change in human
capital.

We face the standard problems of solving games with multiple equilibria under
counterfactual regimes: it is not clear that one can find all the possible equilibria, and second, it
may not be possible to select which equilibrium will be played. Fortunately, we can get around
this problem because the model has a unique equilibrium when there are no hiring costs. When

11. Figure4 shows that under the no-hiring-cost regime the average median female-to-male earnings ratio is 88%.
The gap is therefore 12%. The average predicted earnings gap over these three time periods is 40%. Therefore, the gap
associated with labour-market frictions is 28/40. The other calculations are conducted in the same way.
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Decomposition of the change in gender earnings gap

there are no hiring costs, wages are the marginal productivity, and therefore all the changes
in labour-supply decisions are driven by changes in demographics, participation-cost shocks,
and productivity shocks. We can therefore quantify the effect of changes in these factors on
changes in human capital by holding each factor at the 1970s levels and allowing all other
factors to change. Human capital is measured using its value in production according to the
index: b; 1hnt +br2hZ, + > bearhnt—r + >/ _; brar dne—r . We then calculate the gender gap

in this index and decompose its changes over the three time periods.

Similarly, to examine the effect of changes in beliefs over time, we can solve the model
under the symmetric-information regime. Performing this counterfactual analysis allows us to
guantify the effect of changes in beliefs on human capital. Changes in beliefs over time and
cohorts capture the effect of social and norm changes on the gender earnings gap and labour-
market participation; our analysis, therefore, complements the woHehyandeZ2007),Fogli
and Vander(2007), andFernandez and Fog(R009), which models explicitly the causes of
these changes. The results of this decomposition are presented in9Taliey reveal that
labour-market frictions (hiring cost) and asymmetric information amplify the effect of gender
differences in preferences and skills and are jointly responsible for roughly 50% of the change
in human capital in both occupations and time periods; hiring cost accounts for the majority of
this change. Social changes, through their effects on beliefs, account for roughly 13% of the
change. The other major source of change is demographics, including changes in education,
fertility, and marriage, accounting for about 30% of the decline in the human-capital gender
gap. Finally, the effect of productivity shocks is more important in professional than in non-
professional occupations. Overall, we find that demand-side factors played a greater role than
supply-side factors in the decline of the labour-market-outcomes gender gaps and greater than
found in the literature (sekee and Wolpin2010,e.g); the main reason for this difference is
that we account for the endogenous effect of discrimination.
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TABLE 9
Decomposition of change in gender human-capital gap:
b;1hnt + b,zhﬁt + Zleb-[s’r hnt—r + Zle b;4r dnt—r (Medianwomen value over median men
value (%))1974-1978: 1984-1988: 1992996

Professional Non-professional
Source 1984-1988 1992-1996 1984-1988 1992-1996
Hiring cost 38 37 30 29
Private information 12 13 13 14
Demographic 28 25 38 39
Home production shock 2 1 1 1
Production shock 18 22 11 10

7. CONCLUSION

This paper finds that the most important factor affecting the gender earnings gap is the gender
differences in human capital accumulated both in the labour market and at home. The paper
guantifies the contribution of different factors that affected the gender earnings gap. We find that

while differences in preferences and skills are important, asymmetric information has a large

effect. In addition, we find that changes in discrimination patterns between the 1970s and

the 1990s had a large effect on the decline in the gender gap in human capital and hence
on the gender earnings gap.

Because our model nests the symmetric-information case, we propose a test for the existence
of asymmetric information. There is a large literature on testing for asymmetric information and
adverse selection, and there is no consensus regarding the importance of it in the labour markets
or in other markets. While some papers find the existence of private information to be statistically
significant, it is not always quantitatively important. Our test is statistically significant, and we
are able to show that asymmetric information is quantitatively important to the existence of the
gender earnings gap.

One source of the changes in the earnings gap has been the decline in the education gender
gap. While education is exogenous in our model, we find evidence suggesting it is an important
issue to be further explored. Importantly, the paper finds evidence that educated men earn more
than women after accounting for statistical discrimination and human-capital differences. This
suggests that education choice and education signalling may have a role in the observed gender
earnings gap and the changing patterns in the education gap. This is beyond the scope of this
paper and is left for future research.

APPENDIX A: THEORETICAL RESULTS PROOFS

Proof of Proposition1. We establish optimality of the players’ strategies below. We begin with a description
of the off-equilibrium-path beliefs and assign belief of a type (which is equivalent to the private-information vector of
characteristics) to choices which are not optimal and are not observed on the equilibrium path.

Assumption 1 Let@;t (f) bethe type with the lowest costs of working and highest returns (both current and future
expected) given the observable characteristigs this type will work the most hours in occupatien Similarly,
definew (o) to be the type with the highest disutility from hours worked and lowest returns given the observable
characteristicsy;* (this type also works the smallest fraction of time in the occupatibez, = ujt (@-t | o) bethe
beliefs (probability assigned to this type by employer) aboutyhe®:t (wf) andﬁr = uit (@ | f) bethe beliefs
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aboutthe typew, (o). Suppose thatw, oit (a¢ | wt) = 0, thenuit (et | of) =u, if hy <h ¢ andpjt (ot | of) =1,
if ht > htr .12

Lemma 1l Given any choice of hours, a worker accepts the contract with the highest salary. An employed worker
remains with the current employer if there is a tie. If not employed, the worker randomizes between identical offers.

Proof of Lemmal. Anincrease in salary enters the value function through the Frisch demand for consumption:

T
Vi (ot) + ekt = max _Et > p" | dsuio(zs, ¢s) + Uia(ls, zs)
{hs:{lestee(PNPYs=t [ s=t
+nds D lrsSes(hs, ws) +dse1s+ (L—ds)eos | (o, ch =K ¢ . (A1)
7e{P,NP}

Sincent > 0, the current utility is increasing i§ .t (ht; ). We need to show that given any beliefs and &gy

the continuation value of the worker is non-decreasing in salary. To see that, recall that given the hours choice, one
occupation is chosen (by assumption). Changing employers within an occupation with the same hours worked does
not change the beliefs. Furthermore, we assume that salary is not observed by outside employers; hence, it is not part
of employment history and does not affect beliefs. Therefore, the continuation value is non-decreasing in salary, and
accepting the highest salary given hours is optimal.

Proof of Proposition 1 (1-2). We begin with the workers’ equilibrium strategies. Note that the decision-theoretic
solution to optimal consumptiom?, is an optimal response given the contracts offered on the equilibrium path by
construction. It is also the optimal consumption behaviour off the equilibrium path. An optimal consumption strategy
response to a one-period unanticipated salary shock is also an optimal response to a single deviation by employer. Thus,
the optimal consumption plan in equatid) {s optimal.

Next we show that the labour-supply decisioaS, are optimal. Using the Bellman principle, tle& antevalue
function for an individual who chooses to participate in the labour force in perantl behaves optimally thereafter
is given by equation (13). Equations (13)—(19) describe the necessary conditions for optimality on the equilibrium path
once the salary schedule in the symmetric-information case in equadis(replaced with the optimal salary schedule
in the asymmetric-information case described in equa@&. (

Since this is a perfect Bayesian equilibrium, we need to show optimality of the strategies off the equilibrium
path. By Assumptiorl, workers who work fewer (more) hours than the minimal (maximal) hours are compensated
according to the beliefs component attached to the marginal type who works the least (mosphduxs), (-t (wy))-

By construction, the costs and benefits from working ntbemh.t () or less tharh_ (wf) aresuboptimal given the
on-equilibrium-path strategies and beliefs; because the beliefs component will not increase pay-offs lekimrhw
or h,, such deviations cannot strictly increase pay-offs.

Next, we show that the contract described in equa®) $atisfies the zero-profit condition and is optimal. Equation
(23) is derived from the zero-profit condition using backward induction. We derive it the same way we derive equations
(7)—(12) for the symmetric-information case; the only difference is that the employer’s information setg mustead
of wt.

In order to establish optimality, we need to show that given that other firms offering the competitive rate, the
worker’s strategy, and the firm’s beliefs, there is no single unilateral profitable deviation from the competitive rate that
strictly increases the expected profits. First, we show that by offering a lower salary, the firm cannot increase its profit.
From Lemmal, workers accept the highest offer; thus, a deviation to a lower salary implies the worker rejects the offer
and the pay-off is zero. Note that, by assumption, firms cannot credibly commit to pay above the market rate in the
future.

Consider a firm offering a salar§ ¢ for ht suchthat §,¢ > §0“(ht;co{“). The worker’s state variablesg,
arenot a function of past salaries. Thereforef at1, the worker’s state variable remaing, 1 andcompeting firms
offer %0,t+1(ht+1;w{‘+1); therefore,Q(Vajt+1(wt+1) — Voit+1(ot+1)), |i0,t+1(wt+1), andhit41(wt41) alsoremain
the same. To see that the current salary does not change future labour-supply decisions, note that th©fuictaty
a function of(eqt, £1¢) by Lemma 1 ofHotz and Miller(1993). Hence, it is not affected by current salary. Also, because
of the additive separability of leisure and consumption, the complete-asset-markets assumption, and the assumption that
the workers move first (announcing hours), the functiéns 1 () andVg;t41() remainthe same.

12. If the optimal hours have full support for any given observable characteristics, then there is no off-
equilibrium-path analysis for hours.
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Given that past salaries are not observed by outside employers, the heligfs(wt41 | “’t*+1)' are unchanged.
Therefore, the probability of participation next period remains unchanged:

Bict+1(ht, of |5t) = /Q(wt+1)|iof(wt+1) fio(wty1 | ot a) it (ot | of ,a)dwp 41

= Bict+1(ht, o).

Sincewe only need to check for a single deviation (after which the employer follows the optimal salary schedule), as
established in equatio8), the continuation expected profit can be written as

(St 0f) = Ye (hs, 2F , Kes) — St (hs; ws) — 7

T
+ Z ﬂs_t Et [YT (hs, Zg), Kzs) — §T5(hs; ws) | ht’wti|
s=t+1

<Yz (hs, Zg), Kzs) — ﬁors(hs; ®s) =yt

T
+ z Ja =" [Yr (hs, Zg), Krs) — §Ors(hs;ws) | ht,wt} =0.
s=t+1

Hence there is no unilateral profitable deviation from the competitive salary schedule.

Proof of Proposition 1 (3). The optimality of the strategies described in the first part of the proposition is only
a subset of the necessary conditions for existence of equilibrium. Next, we establish a set of (further) necessary and
sufficient conditions for existence of equilibrium in our model. Note that the optimal hours worked and participation are
a function of the firms’ beliefs about the next period’s participation. To see this, consider the beliefs abouffseriod
participation:

PieT :/ Q(@T)lior (o7) fioloT |oT-1,aT_DHiT-1(0T -1 | @] _1,@T—1) do0T . (A.2)

Recall that wT_1, and hencep;, T, is a function of the labour-market histosp, ..., at_1. However,a.?_l, the
equilibrium labour-market decisions, are a function of the sequ@nge, ..., Pi.2. Therefore,pj .1 is defined as an
implicit function of itself. In fact, there is a triangular system of implicit equilibrium beliefs,

BieT =TiTBicT>.-- Pic2)s
PieT—1=TiT—1(Bi:T=1,---> Bir2),

Pic2 =Ti2(Pic2), (A.3)

wherel'j; isthe R.H.S. of equatior2@). ||

Corollary 1. A necessary and sufficient condition for existence of equilibrium is that there exists a fixed point in
{Bic2,--» ﬁrT}fee{E m) of the system of equations in equatign3) for allz and i.

Proof of Corollary 1. In order to prove this, we first show necessity. Suppose there exists an equilibrium in
which equation (A.3) does not have a fixed point. Then taketaayandi. The probability of a worker remaining in
the firm att + 1 is either higher or lower thap; ;+41. By equation 23) and because on the equilibrium path the beliefs
are consistent, the zero-expected-profit condition holds. Sfiige 1 is not equal to the probability of next-period
participation, the zero-profit condition is violated. Hence, this state cannot constitute an equilibrium.

Next we show sufficiency. Suppose equati@n3) has a fixed point. Then, for arty 7, andi by part 1 of the
proposition, the competitive salary schedule exists. Given the competitive salary schedule, the worker’s strategies for
hours, participation, occupation, and consumption exist and are unique. Hence, conditions 1, 2, and 3 of Dfinition
hold (mutual best responses by construction, the beliefs satisfy Bayes’ lajv).

Existence of equilibrium in our model is established by showing that there exists a fixed point to the system of
equations in (A.3).

Proof of Existence. Given the triangular nature of the system of equationsAirB) it is sufficient to show
existence for each equation in its own variable.
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Existenceof a solution to the worker's consumption and hours problem follows immediately from continuity and
strict concavity of the utility function and the fact that there is a solution to the worker’s problem for any set of contracts
offered. Next, note that for any periddoccupatiorr, and gender, P t41 is the solution to

Picte1 =/ [/ fio(@t+1 | 0t+1) QMait+1(@t+1) — Voit+1(@t+1))
Jot | Yoty

liet41(hopyg < By q(@r41) <hrppn)dopy | Hit (ot | of,a)dor. (A.4)

Here,we only make explicit the arguments of interest. Note fhaf 1 : [0, 1] and that the left-hand side is also defined
on the compact interval [@]. Hence, by Brouwer’s fixed-point theorem, continuity of the R.H.Sjjift 41 suflices to
guarantee a solution to each one of the equations separately.

To show continuity, recall thab,_ ; is themarginal typefor which hth(le) =h;i41 andw,yyq isthe type

for which th_l(wH_l) =h;ty1. Note thathi*t+l(wt+1) is continuous and invertible i1 asthe utility function is

continuous and differentiable. Thus, we can wﬁ;‘ﬁl(aprl) = 41 andogeyg zﬁf_til(wprl). Sincelj t4+1(-) is
anindictor function, we can rewrite the inner integral as

rt

[ oo Qe0dorss
Drt41

Since ht(Bj;t+1) is continuous inPj,t+1 and Q(ht(Pi;t+1).-) is continuous inh¢, we only need to show that

the functionsﬁr_&Ll and ﬁ,_t+1 are continuous inPj,t4+1. From the continuity of the production function in each

occupation in all factors of productiom, ;. andh.¢;; arecontinuous inht and ht(Pj.t41,-) iS continuous in

Pi-t+1. Hence, their inverses are continuousppi+1. Therefore, there exists a solution to every period’s beliefs

separately.

The fact that there exists a one-to-one mapping between the posterior beliefs and the implied participation
probability in equation (A.4) comes directly from the equilibrium requirement that the beliefs satisfy Bayes’ rule; this
condition holds by construction. Therefore, the expected profit condition on salary is also correct on the equilibrium
path. |

APPENDIXB: IDENTIFICATION

Derivationof the non-market-hours moment condition

Combining equationsl), 30), (31), and 82) with theex antevaluation function (13) allows us to write thex ante
equilibrium value function for any initial state:
2 2
Vii (@) = ¢t + 2 Kirde—r +X{Biz+ Xt Biz+ 6ol + D b ltlt—r
r=1 r=1

+ nit z IrtSr(htaw?)

re{P,NP}
& 2 1 ¢

+E DA e Biz+Oo+ D birliPe + = —on@—pf)
s=1 r=1

%8 [V o+ £ o - D)

and
2
Voi (@) =Xy Biz+6i0+ D bislt—s
s=1

3 2 .

0 S

+E Zﬁs Xy Biz + 6o+ E 0i5lt<+)s—r+;—0'|n(1—p(()i52)
s=1 r=1

&
+ PAE [Voi (@44)+ = —oIn(l— pg;g)] .
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A proof of this representation can be foundditug and Miller (1998).

Next, we characterize, using the above, the necessary conditions for equilibrium (participation and hours). First, we
characterize the equilibrium relationship from (15). Substituting the abrantefunction representation into (15) and
using (30) gives

Pit 3 1- P‘i?
_ ,0,0 S i
aln(l_pit)fn D 1S +oE Sglﬂ In 10 +¢t

re{P.NP} ot
2
+ D Kisth—s+X{Bi1 — x{ht Bi2 — i a-13
s=1
2
- Et |:Z€g ht('t—s-i-ﬂs)} . (B.1)
s=1

Note that all the elements from period 4 onward are the same irrespective of whether action 1 or 0 is taken today by
stochastic finite-state dependence. Hence, they fall out of the above equation and we get e2fjatBimilarly, using
aboveex antefunction representation, the necessary condition for equilibrium hours can be rewritten as

re{P.NP} oht oht

0%, S @1 0P
P20 > o | S gt plpt it |- 4Bis
s=1

2
— 26t + Et |:29si (|t—s+ﬁs):|=0. (B.2)

s=1
Note that, again by stochastic finite-state dependence, all the elements from period 4 onward fall out of the above
equations and this gives us equatiBi)
Salary equation identification

Consider the optimal salary under asymmetric informalci%ﬁ:ombiningequations (23) an29),

p p
Se(hnt. o) = Kot +by1hnt +be2hd + > begrhnt—r > bear dnt—r +b;5ag6y
r=1 r=1

+b,6age + b, 7agey x education +vn — yr + A7 B ct41 (hnt, o). (B.3)

Integrating outvy gives us

p P
Et[S¢ (hnt. o) | Pt {o\vn}] = Ket +by1hnt + b, oh3 + > bearhnt—r + D brar dnt—r
r=1 r=1

+ b,sage +b,6age%t +b,7agg,: x education
+ Et[vn | i, educatioR]
=72 + B Et[Pict1(hnt, @) | e, {ope\vnll, (B.4)

where{wy;; \vn} is the set of all public variables except. Let vy = Et[vn | gendergducatioR], §; (hnt, {oft\vn}) =
Et[S ¢ (hnt, one) | Mt {ope \vn}l, and B zt+1(hnt, {ope \vn}) = Et[Bizt+1(nt, @5t) | hint, {of \vn}]. We now get

P 4
S« (hnt. (@f\vn}) = Kot +byhnt +0,203 + > bear hnt—r > byar dnt—r + b 5206,

r=1 r=1
+ braag%t +b,7aggy x educatiof +vn
= 7r +B77 Bict41(nt, {ope\vn ). (B.5)

13. All the arguments remain the same in the symmetric-information case.
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Sinceboth S; (hnt, {wfit \vn}) and fi;t+1(hnt, {wf \vn}) areidentified from data, equatiorB(5) is a standard panel-
data model with unobservedfe€t viy. Thus, under standard assumptio@i§st,b;1,...,b;7, 77, By:) areidentified.
Integrating equation (B.3) over all the information excepyives

P
Et[Sine | vn] = Et[Ket] +b,1Et[hnt | vn] +be2Et[hG; | val + D bear Etlhnt—r | vn]
r=1

P
+ D bear Etldnt—r | vn] +b,5Et[age | vn] +b,6Et[age | vn]
r=1
+ b,7Et[aggy x educatioRn | va] +vn — 7z + By Et[Bict+1 | vnl- (B.6)

Note that each of the components that is conditionabgris identified by looking at the same individual over time.
Thereforepy is identified.

APPENDIX C: DATA DESCRIPTION

We used data from the Family File, the Childbirth and Adoption History File, the Retrospective Occupation File, and
the Marriage History File of the PSID. The Family File contains a separate record for each member of each household
included in the survey in a given year but includes labour income, hours worked, and years of completed education
only for Heads and Wives. The Childbirth and Adoption History File contains information collected in the 1985-2007
waves of the PSID regarding histories of childbirth and adoption. The file contains details about childbirth and adoption
events of eligible people living in a PSID family at the time of the interview in any wave from 1985 through 2007.
Each set of records for a specified individual contains all known cumulative data about the timing and circumstances of
his/her childbirth or adoption experience up to and including 2007 or those waves during that period when the individual
was in a responding family unit. If an individual has never had any children, one record indicates that report. Note that
eligiblerefers to individuals of childbearing age in responding families. Similarly, the 1985-2007 Marriage History file
contains retrospective histories of marriages for individuals of marriage-eligible age living in PSID families between
1985 and 2007. Each set of records for a specified individual contains all known cumulative data about the timing and
circumstances of his/her marriages up to and including 2007 or those waves during that period when the individual was
in a responding family unit.

Our sample selection started from the Childbirth and Adoption History File. We then drop any individual who was
in the survey for 4 years or less. We then drop all individuals who were older than 65 years in 1967 and then drop all
individuals that were less than 25 years old in 2007. We then drop all individuals who were neither Head nor Wife in
our sample for at least 4 years.

There were coding errors for the different measures of consumption in the PSID from which we construct our
consumption measure. In particular, our measure of food consumption expenditures for a given year is obtained by
summing the values of annual food expenditures for meals at home, annual food expenditures for eating out, and the
value of food stamps received for the year. We measured consumption expenditures fobyedaking 025 times
the value of this variable for the year— 1 and 075 times its value for the yedr, this step accounts for the fact
that the survey questions used to elicit information about household food consumption were asked sometime in the first
half of the year, while the response is dated in the previous year.

The variables used in the construction of the measure for total expenditures are also subject to the problem of
truncation described above because the way they are coded in the 1983 PSID data tapes. The truncation value for the
value of food stamps received for that year is $999.00; the relevant value for this variable in the subsequent years and for
the value of food consumed at home and eating out is $9999.00. We also use variables describing various demographic
characteristics of the individuals in our sample. The dates of birth of the individuals were obtained from the Child Birth
and Adoption file.

The race of the individual and the region of residence at the time of the interview were obtained from the Family
portion of the data record. We defined the region variable as the geographical region in which the household resided at
the time of the annual interview. This variable is not coded consistently across the years. For 1968 and 1969, the values
1 to 4 denote the regions Northeast, North central, South, and West. For 1970 and 1971, the values 5 and 6 denote the
regions Alaska and Hawaii and a foreign country, respectively. After 1971, a value of 9 indicates missing data, but no
person-years data were lost due to missing data for these variables. We also drop all observations of individuals coded
as living in regions 5 and 6.

We used the family variabl@ace of the Household He&al code the race variable in our study. For the interviewing
years 1968-1970, the values 1 to 3 denote White, Black and Puerto Rican, or Mexican, respectively; the value 7 denotes
other (including Asian and Philippino), and 9 denotes missing data. For 1971 and 1972, the third category is redefined as
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Spanish-Americaor Cuban and between 1973 and 1984, just as Spanish American. After 1984, the variable was coded
in such a way that 1-6 correspond to the categories White, Black, Hispanic, American Indian, Aleutian or Eskimo, and
Asian or Pacific Islander, respectively. A value of 7 denotes the other category, and a value of 9 denotes missing data.
We used all available information for all the years to assign the race of the individual for years in the sample when that
information was available. We then drop all individuals that were not coded as White.

The marital status of a woman in our subsample was determined from the Marriage History File. The number of
individuals in the household and the total number of children within that household were also determined from the
family-level variables of the same name. In 1968, a code for missing data (equal to 99) was allowed for the first variable,
but in the other years, missing data were assigned. The second variable was truncated above the value of 9 for the
interviewing years 1968 and 1971. After 1975, this variable denotes the actual number of children in the family unit.
Household income was measured from the PSID varidiolal Family Money Incomevhich included taxable income
of Head and Wife, total transfers of Head and Wife, taxable income of others in the family units, and their total transfer
payments.

We used the PSID Retrospective Occupation File to obtain a consistent three-digit occupational code for our
sample. First we eliminated all self-employed, dual-employed, government workers, Farmers and Farm Managers,
Farm Labourers and Farm Foremen, Armed Forces, and Private Household workers. The professional occupation is
made up of the following classifications: Professional, Technical, and Kindred Worker; Managers and Administrators,
Except Farm Managers; and some categories of Sales Workers. The Sales Workers included in professional occupations
are Advertising and Salesmen, Insurance Agents Brokers and Underwriters, and Stock and Bond Salesmen. The non-
professional occupation consists of the following classifications: Sales Workers (not included in Professional); Clerical
and Kindred Workers; Craftsmen and Kindred workers; Operatives, Except Transport; Transport Equipment Operatives;
Labourers, Except Farm; and Service Workers, Except Private Houskhold.

We used two different deflators to convert the nominal quantities such as average hourly earnings, household
income, and so on to real values. First, we defined the (spot) price of food consumption to be the numeraire good at
t in the theoretical section. We accordingly measured real food-consumption expenditures and real wages as the ratio
of the nominal consumption expenditures and wages and the annual chain-type price deflator for food-consumption
expenditures published in Table T.12 of the National Income and Product Accounts. On the other hand, we deflated
variables such as the nominal value of home ownership or nominal family income with the chain-type price deflator for
total personal consumption expenditures.
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